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The Operations Triad Model and Youth Mental Health Assessments: Catalyzing 
a Paradigm Shift in Measurement Validation
Andres De Los Reyes a, Mo Wang b, Matthew D. Lerner c, Bridget A. Makol a, Olivia M. Fitzpatrick d, 
and John R. Weisz d

aComprehensive Assessment and Intervention Program, Department of Psychology, University of Maryland; bDepartment of Management, 
University of Florida; cDepartment of Psychology, Stony Brook University; dDepartment of Psychology, Harvard University

ABSTRACT
Researchers strategically assess youth mental health by soliciting reports from multiple informants. 
Typically, these informants (e.g., parents, teachers, youth themselves) vary in the social contexts where 
they observe youth. Decades of research reveal that the most common data conditions produced with 
this approach consist of discrepancies across informants’ reports (i.e., informant discrepancies). 
Researchers should arguably treat these informant discrepancies as domain-relevant information: 
data relevant to understanding youth mental health domains (e.g., anxiety, depression, aggression). 
Yet, historically, in youth mental health research as in many other research areas, one set of paradigms 
has guided interpretations of informant discrepancies: Converging Operations and the Multi-Trait 
Multi-Method Matrix (MTMM). These paradigms (a) emphasize shared or common variance observed 
in multivariate data, and (b) inspire research practices that treat unique variance (i.e., informant 
discrepancies) as measurement confounds, namely random error and/or rater biases. Several yearsw 
ago, the Operations Triad Model emerged to address a conceptual problem that Converging 
Operations does not address: Some informant discrepancies might reflect measurement confounds, 
whereas others reflect domain-relevant information. However, addressing this problem requires more 
than a conceptual paradigm shift beyond Converging Operations. This problem necessitates 
a paradigm shift in measurement validation. We advance a paradigm (Classifying Observations 
Necessitates Theory, Epistemology, and Testing [CONTEXT]) that addresses problems with using the 
MTMM in youth mental health research. CONTEXT optimizes measurement validity by guiding 
researchers to leverage (a) informants that produce domain-relevant informant discrepancies, (b) 
analytic procedures that retain domain-relevant informant discrepancies, and (c) study designs that 
facilitate detecting domain-relevant informant discrepancies.

Scholars who conduct mental health research with chil
dren and adolescents (i.e., youth) perform studies that 
ultimately inform critical decisions regarding mental 
health services, including diagnosis, treatment selection, 
and evaluation of treatment outcomes. The “origin stor
ies” of these services can be traced back through decades 
of research and theory (Bronfenbrenner, 1979; Cicchetti, 
1984; Crick & Dodge, 1994; Darling & Steinberg, 1993). 
This work teaches us that youth vary in terms of their 
lived experiences and social worlds. Any one youth 
may experience mental health concerns in some con
texts―such as home and school―to a greater degree 
than they do in other contexts―such as peer interac
tions. In fact, the intervention models informed by 
this work―such as classical conditioning, cognitive 
theory, radical behaviorism, and social learning theory 
(Bandura, 1977; Beck, 1993; Rescorla & Wagner, 1972; 

Skinner, 1953)―hinge on tailoring techniques (e.g., 
cognitive restructuring, therapeutic exposures, token 
economies, homework activities) to the unique social 
contexts of youth clients (e.g., home, school, peer 
interactions; Alfano & Beidel, 2011; Sewart & Craske, 
2020; Weisz, 2004; Weisz et al., 2004). In youth men
tal health research, sound theory building and testing, 
along with developing and testing conceptually 
grounded interventions and implementing these inter
ventions in clinical work with youth clients, all depend 
on sound measurement approaches.

The most commonly used measurement approach in 
youth mental health research involves scholars imple
menting a process akin to what journalists do: collect 
reports from multiple informants (Achenbach, 2020; 
Hunsley & Mash, 2007; De Los Reyes, 2011; Weisz 
et al., 2005). Like journalists preparing a news story, 
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mental health researchers seek a holistic understanding 
of the youth undergoing evaluation. Researchers collect 
reports about youth mental health from informants who 
vary in the social contexts where they observe youth 
(e.g., parents, teachers, youth themselves). In fact, even 
when informants like parents and teachers make reports 
using identical instruments (e.g., surveys with parallel 
item content and response options), these informants 
provide unique data that, in part, reflect the underlying 
social environments within which they observe youth 
behavior (e.g., parents at home vs. teachers at school; see 
also, Kraemer et al., 2003). Thus, researchers solicit 
reports from structurally different informants: 
Informants distinguishable from one another by where 
they observe youth, namely by social contexts or struc
tural features of the social environment (e.g., Eid et al., 
2008; Geiser et al., 2012; Konold & Cornell, 2015; 
Konold & Sanders, 2020). In this paper, we focus on 
a fundamental problem in youth mental health research: 
The perennial disconnect between the conceptual mod
els that most closely align with use of structurally differ
ent informants, and the validation paradigm that has 
governed researchers’ approaches to using, interpreting, 
and examining multi-informant data. In turn, we 
advance a validation paradigm to resolve this 
disconnect.

Unsurprisingly, structurally different informants 
often tell researchers very different stories about the 
youth undergoing evaluation. For instance, 
a researcher collecting a report from a parent might 
learn that a youth displays oppositional behavior, but 
the youth’s teacher does not corroborate the parent’s 
impressions. At other times, a researcher observes the 
reverse pattern: a teacher reports that a youth in the 
classroom needs help with anxiety, but the youth’s par
ent does not concur. Sometimes, a researcher collects 
a report from a youth, who reports struggling with 
relatively covert depressive symptoms that reports 
from adult authority figures fail to capture. 
Throughout this paper, we refer to these disparate pat
terns of reports as informant discrepancies.

We focus our paper on informant discrepancies. 
Indeed, across all known mental health domains we 
know the following to be true: Informant discrepancies 
define the data conditions that result from using struc
turally different informants’ reports to assess youth 
mental health. Empirical observations of informant dis
crepancies date back to the 1950s (e.g., Lapouse & 
Monk, 1958), and have appeared in over 400 published 
studies (De Los Reyes & Makol, in press). These studies 
reveal robust findings about the nature of these discre
pancies. For instance, a meta-analysis published in the 
1980s of 119 studies yielded a relatively low mean 

Pearson r of .28 between two informant’s reports of the 
same youth’s mental health (Achenbach et al., 1987). 
A meta-analysis conducted over 25 years later of 341 
studies published between 1989 and 2014 yielded an 
identical estimate (i.e., .28; De Los Reyes et al., 2015). 
Considering the sheer number of changes in youth 
mental health research over the decades separating 
these meta-analyses―in the theories driving the 
research, measures and study designs researchers use 
to address research aims, and operational definitions of 
youth mental health domains―the stability of this effect 
is remarkable. Further, a meta-analysis of studies from 
over 30 countries reveals that informant discrepancies 
reliably appear in assessments all over the globe (De Los 
Reyes et al., 2019a).

That informant discrepancies define the data condi
tions resulting from use of structurally different infor
mants’ reports reveals a reality about this approach to 
multi-informant assessment. That is, researchers often 
use structurally different informants’ reports because 
they each facilitate understanding youth mental health 
in their own way. Yet, such reports might nonetheless 
share data in common. Each informant’s report has the 
ability to provide unique variance about youth mental 
health, as well as common variance that is shared with 
the reports of other informants. The breakdown 
between common and unique variance factors into 
how we use data from structurally different informants. 
In particular, we use these data to estimate relations 
between mental health domains and other clinically 
relevant domains (e.g., parenting, diagnostic status, 
treatment response). When estimating relations, how 
much of each source of variance might we expect to 
observe when using structurally different informants’ 
reports? We have addressed this question using regres
sion commonality analyses: tests of the overlapping var
iance from multiple predictors (e.g., parent, youth, and 
teacher reports) on a common criterion variable (Cohen 
et al., 2003). These tests reveal that parent, teacher, and 
youth reports display common variance in prediction of 
a criterion variable at levels of 3% for reports of youth 
externalizing concerns, 1.3% for youth internalizing 
concerns, and 0.8% for concerns overall (De Los Reyes 
et al., 2015). Taken together, we should expect relations 
between structurally different informants’ reports of 
youth mental health and clinically relevant domains to 
consist of less than 5% of common variance and 
upwards of 95% of unique variance. Thus, understand
ing youth mental health involves detecting factors that 
underlie both common and unique variance.

The need to emphasize both common and unique 
variance in structurally different informants’ reports 
clashes with a long-standing reality in youth mental 
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health. Historically, researchers’ efforts to understand, 
interpret, and model multivariate data conditions of any 
kind―including multi-informant measures of youth 
mental health―have, ironically, emphasized common 
variance: The tiniest variance available to explain. The 
emphasis on common variance in youth mental health 
research is no accident. Scholars in Psychology generally 
emphasize common variance. In fact, one can trace the 
source of this emphasis back to an idea that is now over 
60 years old. In the 1950s, Garner et al. (1956) advanced 
Converging Operations, a paradigm that they originally 
developed to improve the interpretability of experiments 
in psychophysics. In their view, the findings from one 
experiment often fail to hold a high degree of certainty 
in support of a hypothesis. One way to increase certainty 
might involve designing several methodologically dis
tinct experiments to test the hypothesis. One could then 
use convergence of findings across experiments to gauge 
empirical support for the hypothesis. Here, Garner and 
colleagues equated converging outcomes with the truth. 
By extension, within Converging Operations, diverging 
outcomes would reflect inconclusive evidence, and in 
the case of informant discrepancies, measurement con
founds like random error and/or rater biases.

In the decades since Garner et al. (1956), scholars 
have credited Converging Operations for improving 
the interpretability of research findings in areas as 
diverse as intelligence (Sternberg, 2005), face perception 
(Von Der Heide et al., 2018), memory (Vallar, 2006), 
personality (Brase, 2014), neuropsychology (Bruno & 
Paolo Battaglini, 2008), addiction science (Zeid et al., 
2018), religious studies (Krause et al., 2010), and infant 
development (LoBue et al., 2020). In fact, Campbell and 
Fiske (1959) drew inspiration from Converging 
Operations to develop their seminal Multi-Trait Multi- 
Method Matrix (MTMM; Grace, 2001; Highhouse, 
2009). This is the dominant measurement validation 
paradigm implemented in youth mental health research, 
and subdisciplines of Psychology (e.g., Clinical, 
Developmental, Personality) more broadly (see Watts 
et al., 2022). Yet, the MTMM paradigm instantiates in 
measurement a rather extreme view of common var
iance. This view guides users of the MTMM to assume 
that all informant discrepancies (i.e., low “monotrait- 
heteromethod” correlations) reflect measurement con
founds, and thus threats to measurement validity. For 
users of this paradigm, this assumption is their “north 
star,” their guiding principle. In this paper, we articulate 
how this principle logically translates to users of the 
MTMM paradigm taking a specific approach to working 
with multi-informant data. This approach guides users’ 
decisions as to which theories will inform their exam
inations of informant discrepancies, the research 

practices they will implement when working with multi- 
informant data, and even the philosophical underpin
nings of how they draw conclusions from research 
findings.

Although the Converging Operations and MTMM 
paradigms have proven useful to many areas of study, 
it would be unreasonable to expect their utility to extend 
to all areas of study. We contend that the data conditions 
that typify work in youth mental health violate the 
assumptions underlying use of these paradigms. As 
such, youth mental health requires a paradigm shift on 
these issues. This shift necessitates a two-step process, 
which we began a decade ago. We took the first step 
toward making this shift by developing the Operations 
Triad Model (De Los Reyes et al., 2013a). Here, the data 
conditions could reflect Converging Operations, insofar 
as each informant’s report points to the same conclu
sion. For instance, reports from parents and teachers 
might each indicate that an intervention produced posi
tive responses among the youth clients who received it. 
Clearly, Converging Operations scenarios reflect data 
conditions that ought to be retained. Yet, Converging 
Operations scenarios reflect relatively rare data condi
tions within youth mental health research. Thus, they 
provide an incomplete account of all data conditions 
observed in this area. This necessitates also conceptua
lizing informant discrepancies.

Within the Operations Triad Model, not all informant 
discrepancies are created equal. Structurally different 
informants often vary in their opportunities to observe 
youth behavior within and across clinically relevant con
texts, such as parents at home and teachers at school. If 
youth also vary in where they display mental health con
cerns, then this raises the possibility that at least some 
informant discrepancies contain data germane to the 
specific contexts in which youth display these concerns. 
Those informant discrepancies that reflect variations in 
youth behavior across social contexts reflect what we refer 
to as domain-relevant information: data relevant to under
standing youth mental health domains (e.g., anxiety, 
depression, aggression). In the Operations Triad Model, 
Diverging Operations reflect these exact kinds of infor
mant discrepancies. Yet, to assume that all informant 
discrepancies are domain-relevant would be as mistaken 
an assumption as the MTMM paradigm’s assumption 
that all discrepancies reflect measurement confounds. 
Thus, the third concept within the Operations Triad 
Model is Compensating Operations – that is, informant 
discrepancies that reflect measurement confounds like 
random error or rater biases. These confounds are irrele
vant to understanding measured domains (see also, 
Millsap, 2011), hence their distinction from Diverging 
Operations.
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Purpose and Aims

The purpose of this paper is to extend the analysis of 
informant discrepancies beyond the paradigms pre
sented previously, with a specific focus on measurement 
validation.1 In particular, the Converging Operations 
and MTTM paradigms optimize the use of multi- 
informant assessments when common variance 
accounts for the grand majority of all variance. They 
are less appropriate for scenarios where unique variance 
accounts for the grand majority of all variance, because 
they treat all of this variance as reflective of measure
ment confounds. We offer a path to addressing this 
problem with a new validation paradigm: Classifying 
Observations Necessitates Theory, Epistemology, and 
Testing (CONTEXT). In essence, if the Operations 
Triad Model catalyzed a paradigm shift in how we con
ceptualize informant discrepancies in youth mental 
health research, then CONTEXT catalyzes a paradigm 
shift in validation, in which we instantiate in measure
ment key principles underlying the Operations Triad 
Model. CONTEXT facilitates retaining common var
iance (i.e., Converging Operations) and, at the same 
time, detecting informant discrepancies that reflect 
Diverging Operations scenarios. In this paper we 
address three aims. First, we draw distinctions between 
CONTEXT and the MTMM paradigm, and cite evi
dence to demonstrate how these two paradigms inform 
fundamentally distinct approaches to collecting, using, 
and interpreting data from structurally different infor
mants. We argue that the MTMM paradigm’s core 
assumptions guide youth mental health researchers to 
leverage theory, interpret research findings, and engage 
in research practices that risk depressing measurement 
validity. In contrast, we argue, the features of 
CONTEXT guide youth mental health researchers to 
leverage theory, epistemological principles, and research 
practices that facilitate optimizing measurement valid
ity. Second, we illustrate CONTEXT’s features with 
a combination of published and new evidence. Third, 
we delineate several implications of CONTEXT and 
chart directions for future research.

The Three Features of CONTEXT and How They 
Differ from the MTMM Paradigm

The mathematical psychologist Philip Levy (1969) wrote, 
“nothing, not even real data, can contradict classical test 

theory” (p. 276). This statement highlights a fact about 
paradigms like the MTMM: They are not inherently 
“wrong” or “right.” Paradigms all have assumptions. It is 
not the paradigm’s task to align these assumptions with the 
data conditions to which it will be applied; that’s the user’s 
task. At the same time, a paradigm’s assumptions chart 
a path, a guide for the user. In the case of multi-informant 
assessments, that path dictates the approach the user will 
take to working with data from these assessments. That 
path will influence the selection of theoretical models to 
guide hypothesis testing. That path will influence what or 
how many informants the user selects, the study designs 
they select, and the analytic procedures selected to carry out 
data analyses. If the user is correct to follow the path―such 
that the data conditions align with the paradigm’s assump
tions―then their decisions will likely optimize measure
ment validity. Yet, if the user incorrectly applies 
a paradigm―namely to data conditions that violate the 
paradigm’s assumptions―then their decisions will likely 
depress measurement validity.

We designed CONTEXT to chart a path for youth 
mental health researchers that aligns with the data con
ditions typifying their use of multi-informant 
approaches to assessment: (a) use of structurally differ
ent informants that (b) often produce informant discre
pancies that (c) contain domain-relevant information. 
In this section, we demonstrate how the core assump
tions of CONTEXT and those of the MTMM paradigm 
logically result in distinct guidance on how to work with 
multi-informant data. In fact, the guidance CONTEXT 
provides users reflects a paradigm shift across multiple 
aspects of scholarly work, namely in theory, epistemol
ogy, and research practices when leveraging multi- 
informant approaches to assessing youth mental health.

Theory

The differences between CONTEXT and the MTMM 
paradigm become readily apparent when probing the 
guidance each provides users for selecting theories 
about what informant discrepancies reflect. To under
stand these differences, we have to go beyond the con
ceptual models that gave rise to each of them (i.e., 
Operations Triad Model and Converging Operations, 
respectively), and trace the “origin story” of 
Converging Operations. We can trace the conceptual 
origins of the MTMM paradigm back to Converging 
Operations (see Grace, 2001; Highhouse, 2009). 

1As recently reviewed elsewhere (De Los Reyes & Makol, 2022), prior work supports the notion that informant discrepancies frequently manifest when 
delivering services to clients. That said, a discussion of informant discrepancies observed in service delivery settings lies outside the scope of this paper. In 
fact, distinctions between the informant discrepancies that occur in research samples (i.e., the focus of this paper) versus those that occur when delivering 
services to individual clients (e.g., Fisher et al., 2017; Hawley & Weisz, 2003; Hoffman & Chu, 2015; Yeh & Weisz, 2001) necessitate varied considerations that 
encompass distinct frames of reference (i.e., measurement validation vs. implementation science; see also, De Los Reyes et al., 2022a).
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However, we can trace the conceptual origins of 
Converging Operations back to the very origins of mea
surement in Psychology. It was Edgeworth (1888) who 
repurposed principles from Physics to posit that one 
might estimate mental states by gathering information 
from multiple raters of the same state. As Edgeworth 
saw it, no one rater provided a “perfect score,” but at the 
same time, none provided a rating with value unique to 
itself. Instead, each of their ratings only began to make 
sense when you assumed that they each reflected “error,” 
and only when you examined them collectively did they 
approximate what classical test theorists refer to as the 
true score of the measured mental state (see also, 
Borsboom, 2005). By extension, the “closer” these rat
ings were to each other―the more they converged with 
one another―the closer their assumed approximation 
to the true score of the measured state. For Edgeworth, 
convergence was the only path to the truth. The same 
could be said for Garner et al. (1956). Converging 
Operations equates converging findings with strong 
empirical support. Similarly, within the MTMM para
digm, high cross-informant agreement (i.e., high mono
trait-heteromethod correlations) signals strong support 
for measurement validity. This assumption logically 
results in also assuming that diverging findings like 
informant discrepancies can only signal findings that 
lack truth; they reflect measurement confounds and 
nothing more.

What implications does this core assumption of the 
MTMM paradigm have for informing the selection of 
theories for understanding what informant discrepan
cies reflect? We contend that this assumption compels 
users of the MTMM paradigm to select theories about 
informant discrepancies that fundamentally differ from 
those that CONTEXT guides users to select. In Table 1, 
we summarize our rationale for this contention. If users 
of the MTMM paradigm begin from the assumption that 
all informant discrepancies reflect measurement con
founds, then it logically follows they will seek out theo
retical explanations for why these confounds exist. For 

instance, when users of the MTTM paradigm adopt 
a theory for informant discrepancies research, they 
tend to use the depression-distortion hypothesis, which 
holds that informant discrepancies stem from the fact 
that informants completing reports about youth (e.g., 
parents) often experience mental health concerns that 
impact their accuracy as raters. In particular, concerns 
such as depressive mood are quite common among 
parents of youth undergoing evaluation (Goodman 
et al., 2011). Consistent with the assumption that all 
informant discrepancies reflect measurement con
founds, the depression-distortion hypothesis posits that 
informant discrepancies are fully accounted for by 
depressed informants attending to, encoding, recalling, 
and rating more negative behaviors (i.e., relative to neu
tral or positive behaviors) in the youth being evaluated, 
relative to the reports of non-depressed informants 
(Richters, 1992).

Importantly, users of the MTMM paradigm fre
quently cite the depression-distortion hypothesis as the 
theoretical foundation of their work (e.g., Bauer et al., 
2013; Clark et al., 2016; Jungersen & Lonigan, 2021; 
T. M. Olino et al., 2021; T.M. Olino et al., 2018). Let us 
set aside the fact that this hypothesis rests on weak 
empirical evidence (for recent reviews, see De Los 
Reyes & Makol, 2022; De Los Reyes et al., 2022b). 
Instead, let us focus on the implications of this concep
tual frame. If the depression-distortion hypothesis 
frames informant discrepancies as a “bug” or “artifact” 
of using multi-informant approaches to assess youth 
mental health, then work that flows from this frame 
cannot fairly evaluate informant discrepancies as 
a source of domain-relevant data.

With CONTEXT, we guide users to select theories 
that presume the structurally different informants from 
whom they solicited reports “did their job.” If scholars 
seek out informants who they expect will provide psy
chometrically sound reports, then it is more likely than 
not that the informant discrepancies produced by these 
reports will contain domain-relevant information. To 

Table 1. Differences between CONTEXT and the MTMM paradigm in guidance on theory surrounding informant discrepancies.

Validation 
Paradigm

Core Assumption Regarding 
Informant Discrepancies

How Assumption Guides Conceptual 
Foundations of Paradigm-Informed Research

Examples of 
Theories Applied 
in Prior Research

Citations of Prior Work That Applied 
Paradigm-Informed Theories

MTMM All informant discrepancies 
reflect measurement 
confounds

Guides users to apply theories about 
informant discrepancies that posit factors 
that produce rater biases

Depression- 
Distortion 
Hypothesis 
(Richters, 1992)

Bauer et al. (2013); Clark et al. (2016); 
Jungersen and Lonigan (2021); T.M. Olino 
et al. (2018, 2021)

CONTEXT At least some informant 
discrepancies contain 
domain-relevant 
information

Guides users to apply theories about 
informant discrepancies that posit factors 
that produce domain-relevant information

Situational 
Specificity 
(Achenbach 
et al., 1987)

De Los Reyes et al. (2022a, 2022b, 2022c); 
Deros et al. (2018); Lerner et al. (2017); 
Makol et al. (2020); Watts et al. (2022)

CONTEXT = Classifying Observations Necessitates Theory, Epistemology, and Testing. MTMM = Multi-Trait Multi-Method Matrix.
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illustrate, prior work testing for the presence of domain- 
relevant information has historically relied on the 
Achenbach et al. (1987) notion of situational specificity 
to guide their work (e.g., see De Los Reyes et al., 2022a, 
2022b, 2022c; Deros et al., 2018; Lerner et al., 2017; 
Makol et al., 2020; Watts et al., 2022). In direct contrast 
to the depression-distortion hypothesis, situational spe
cificity holds that informant discrepancies might reflect 
key aspects of youth and their social contexts. In fact, 
contexts (e.g., home, school) often vary in their contin
gencies: Factors in the environment (e.g., inconsistent 
discipline, aversive peer interactions) that elicit specific 
kinds of behaviors indicative of mental health concerns 
(e.g., aggression, avoidance; see, Kazdin, 2013; Skinner, 
1953). Within their reports, structurally different infor
mants may very well be reflecting these variations in the 
social environments of the youth about whom they 
provide reports.

Facets of Situational Specificity Relevant to 
Understanding Informant Discrepancies
With CONTEXT, we extend the Achenbach et al. (1987) 
notion of situational specificity, by guiding users to 
theorize how situational specificity effects translate to 
the presence of domain-relevant information in infor
mant discrepancies. In fact, with CONTEXT we guide 
users to develop tangible, testable explanations for infor
mant discrepancies. It is these explanations―these the
ories―that inform the design of studies focused on 
detecting informant discrepancies that reflect domain- 
relevant information. In line with this goal, prior work 
indicates that situational specificity effects manifest as 
“facets” of domain-relevant information. These facets 
manifest in many assessments where informant discre
pancies arise. Three such facets are particularly impor
tant to describe. The first facet we already discussed: The 
idea that sometimes informant discrepancies reflect con
textual variations in youth mental health concerns.

A second facet of situational specificity effects stems 
from the notion that, as structurally different data 
sources, informants like parents and teachers are not 
detached bystanders. Not only do they observe youth 
behavior, they also shape the behavior of the youth 
about whom they provide reports. For instance, parents 
report about youth behavior and engage in parenting 
behaviors involved in the development of the mental 
health domains about which they provide reports (e.g., 
Darling & Steinberg, 1993). Similarly, teachers’ class
room management strategies impact the learning out
comes of the youth about whom they report, and these 
learning outcomes impact mental health (e.g., Atkins 
et al., 2017). Youth provide self-reports containing simi
larly unique information, such that they capture aspects 

of their social environments for which adult informants 
(e.g., parents, teachers) often lack experiences with 
observing (e.g., peer relations outside of home and 
school contexts), and these environments are intimately 
related to the development and maintenance of youth 
mental health concerns (e.g., Crick & Dodge, 1994). 
Further, informants’ perspectives on youth mental 
health, or their thresholds for perceiving certain beha
viors as clinically concerning, are intimately aligned with 
the behaviors about which they report. These perspec
tives and/or thresholds might often dictate how infor
mants react to youth mental health concerns (e.g., 
disciplinary strategies); factors that contribute to the 
development and maintenance of these very concerns.

Informants’ roles in youth mental health are even 
evident in the nosological systems used to diagnose 
youth mental health conditions. In particular, these sys
tems outline diagnostic criteria as well as associated 
features of mental health conditions (e.g., Diagnostic 
and Statistical Manual of Mental Disorders [DSM-5]; 
American Psychiatric Association, 2013). These asso
ciated features include characteristics that often co- 
occur with symptoms delineated in diagnostic criteria 
(e.g., maladaptive parenting behaviors; Hunsley & Lee, 
2014). Associated features often promote and maintain 
youth mental health conditions. Further, they may 
reflect behavioral manifestations of informants’ perspec
tives on these conditions (e.g., parent’s use of harsh 
parenting in response to their child’s behavior). Thus, 
these features are often directly targeted in evidence- 
based interventions (e.g., parenting interventions for 
conduct disorder; Kazdin & Rotella, 2009; Weisz & 
Kazdin, 2017). In fact, knowledge about associated fea
tures often comes from research testing links between 
measures of these features (e.g., parenting) and infor
mants’ reports of youth mental health. In turn, this 
research comprises some of the psychometric support 
for mental health instruments (see, Hunsley & Mash, 
2018).

Taken together, informants’ reports about youth 
mental health are inextricably linked to features in the 
social environment. Yet, these associated features often 
display a situational specificity of their own. Associated 
features often manifest in one context (e.g., parenting, 
classroom management strategies) to a greater degree 
than in other contexts. In this respect, they often illumi
nate measured domains relevant to understanding var
iations among social contexts, particularly with regard to 
the contingencies that maintain youth mental health 
concerns. In support of this notion, consider that 
researchers often integrate structurally different infor
mants’ reports using procedures focused on common 
variance (e.g., combinational algorithms); approaches 
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that often fail to identify known associated features of 
mental health concerns that manifest in situationally 
specific ways (e.g., Offord et al., 1996; Rubio-Stipec 
et al., 2003). By extension, the structural differences 
among informants sometimes work to the benefit of 
identifying situationally specific features, such that 
each informant’s report facilitates detecting distinct 
aspects of mental health service delivery (e.g., domains 
of clinical concern vs. goals for mental health services; 
see, Follet et al., 2022). Thus, situational specificity 
effects might also produce domain-relevant informant 
discrepancies, insofar as they illuminate features of 
social environments linked to the development and 
maintenance of youth mental health concerns.

A third facet of situational specificity effects is related 
to the second facet. When informants who provide 
reports (e.g., parents) play key roles in youths’ social 
environments, they typically inhabit these roles for 
extended periods. If these roles also reflect situationally 
specific characteristics (e.g., parenting behaviors) that 
are unique to the reports of a particular informant 
(e.g., parents but not teachers), then informant discre
pancies may contain domain-relevant information per
tinent to predicting youth mental health outcomes. As 
an example, consider research on parenting. Some 
research indicates that parents’ own functioning (e.g., 
levels of stressors) impacts the development and main
tenance of youth conduct problems (e.g., Kazdin & 
Rotella, 2009). Interestingly, when interventions suc
cessfully reduce levels of youth conduct problems, not 
only does youth functioning improve, but so does that of 
their parents (e.g., Kazdin & Wassell, 2000). In fact, 
therapeutically targeting parental stress in combination 
with these youth interventions improves youth and par
ental outcomes (Kazdin & Whitley, 2003). Thus, not 
only can features of youths’ social environments vary 
across informants (e.g., parental stress at home), but 
these features may also change over time in ways that 
differ from those same features of informants in other 
social environments (e.g., teacher stress at school). If 
informants’ reports vary in the social environments in 
which they observe youth behavior―and informants’ 
mental health reports reflect, in part, features of these 
very environments―then these variations among infor
mants are not static in nature. That is, they wax and 
wane over time or remain stable over time. These fluc
tuations have implications for using reports to predict 
outcomes (e.g., treatment response). CONTEXT guides 
users to interpret each informant’s report relative to the 
reports of other informants, because they may each carry 
unique predictive capabilities, producing interactions or 
patterns that boost the overall predictive value of reports 
(see, Becker-Haimes et al., 2018; Makol et al., 2019, 

2020). As such, situational specificity might produce 
informant discrepancies that reflect domain-relevant 
phenomena germane to predicting youth mental health 
outcomes (see also, Laird & Weems, 2011).

Situational Specificity and CONTEXT
We focused on facets of situational specificity that man
ifest as domain-relevant information in informant dis
crepancies. These facets may explain some, but certainly 
not all cases of domain-relevant information. That said, 
by conceptualizing informant discrepancies not merely 
as measurement confounds but rather as potential 
sources of domain-relevant information, CONTEXT 
guides users to detect cases of domain-relevant informa
tion, beyond those typified by common variance (i.e., 
informant agreement). In this respect, CONTEXT 
guides users to ground their work in conceptual models 
that optimize measurement validity. In turn, we expect 
CONTEXT to optimize the utility of structurally differ
ent informants’ reports to address a host of research 
questions in youth mental health, including those 
focused on characterizing youth mental health and pre
dicting outcomes. Of course, theory is the first step in 
the validation process. For CONTEXT to catalyze a true 
paradigm shift in validation, it must also represent 
a distinct departure from the MTMM paradigm in the 
epistemological guidance it provides researchers on how 
to draw conclusions from data provided by structurally 
different informants.

Epistemology

In his seminal treatise on psychological measurement― 
Measuring the mind―Borsboom (2005) wrote, “A blue
print may be invaluable in constructing a bar, but one 
cannot have a beer inside one.” The statement proves 
useful for understanding the links between validation 
paradigms and the measured realities they inform. Like 
the assumptions we have discussed previously regarding 
paradigms, blueprints carry assumptions regarding the 
physical world. Blueprints provide specifications to 
builders that ought to guide construction of shelves 
that properly adhere to walls, and walls that, unless 
tragedy strikes (e.g., really strong tornado), will remain 
upright. In this respect, blueprints are vitally important. 
Blueprints make the difference between a bar that stands 
the test of time and one that crumbles due to lousy 
planning. Yet, if the builder has agency over which blue
print to follow, then they own the consequences of what 
they build. Similarly, researchers must own the conse
quences of the paradigm that informs their approach to 
assessing domains of interest. Granted, the building 
blocks of multi-informant assessments are not of the 
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“brick and mortar” variety. Instead, the philosophical 
underpinnings of validation paradigms and the logical 
conclusions that result from their use dictate how users 
build multi-informant assessments and interpret their 
outcomes (i.e., the data conditions).

In this section, we leverage principles from 
Epistemology (i.e., branch of Philosophy focused on 
what is known and knowable) and Philosophy of 
Science in particular to demonstrate the philosophical 
differences between CONTEXT and the MTMM para
digm. We summarize in Table 2 that, down to an epis
temological level, CONTEXT aligns with youth mental 
health assessments to a far greater extent than the 
MTMM paradigm ever could. In fact, the consequences 
of adhering to the epistemological process that the 
MTMM paradigm guides users to follow are so dire for 
the user to consider, that they inspire some fairly ill- 
informed―and baseless―decisions regarding what to 
do with multi-informant data. Work in Philosophy of 
Science highlights these errors in decision-making. In 
particular, Hempel (1966) delineates two processes ger
mane to hypothesis testing in scholarly inquiry. In the 
first stage of this process, a scholar specifies a test impli
cation: A specification of the data conditions arising 
from expected outcomes. The MTMM paradigm guides 
users toward adopting the test implication that conver
ging findings are the only data that contain domain- 
relevant information. Of course, such a test implication 
would be a blueprint for success when interpreting find
ings in a scholarly area wherein the modal data condi
tions consist of converging findings. However, that same 
blueprint spells disaster when applied to data conditions 
that are typified by discrepant findings.

As we have previously noted, informant discrepancies 
characterize data conditions in youth mental health. 
What we have yet to articulate is that these discrepancies 
are not just linear in nature, as might be suggested by 
low-to-moderate levels of correspondence between 
informants’ reports. Rather, these discrepancies even 

manifest when drawing discrete interpretations of the 
state of the science. Is exposure-based therapy effica
cious for addressing youth anxiety concerns? Is corporal 
punishment a risk factor for conduct disorder? Are 
improvements in social skills a mechanism of action in 
interventions for attention-deficit/hyperactivity disorder 
(ADHD)? What is the 12-month prevalence rate for 
major depression among adolescents? For each of these 
kinds of questions, changing the informant who com
pletes the measures results in qualitative differences in 
the conclusions drawn from research findings (for 
a recent review, see, De Los Reyes & Makol, 2022). In 
youth mental health, even discrete judgments about the 
state of the science fail to achieve convergence in 
research findings across multiple informants’ reports. 
Consequently, users of the MTMM paradigm are logi
cally forced into accepting the fact that the data under
lying all their research questions are inconclusive. Or are 
they?

When scholars encounter measured outcomes that 
conflict with the test implication outlined in 
a hypothesis they tested, Hempel (1966) describes 
a second step in the hypothesis-testing process. This 
step of the process allows users of the MTMM paradigm 
to nonetheless proceed in their scholarly work, even in 
the face of findings that would otherwise force them to 
interpret their work as inconclusive. Yet, it is also a step 
that is rife with commission of decision-making errors. 
Specifically, when the test implication fails to “match” 
observed outcomes, and a scholar is nonetheless moti
vated to accept their initial hypothesis, Hempel says they 
rely on a secondary or ad hoc hypothesis. An ad hoc 
hypothesis provides a researcher with a means of 
explaining away observed outcomes that contradict 
their initial hypothesis, in an effort to preserve its vera
city. When confronted by informant discrepancies―and 
rather than accept the notion that they observed incon
clusive findings―users of the MTMM paradigm must 
adopt the assumption that informant discrepancies 

Table 2. Differences between CONTEXT and the MTMM paradigm in epistemology surrounding informant discrepancies.
Validation 
Paradigm Test Implication

Logical Extension of Test 
Implication

Research Practices That Logically Extend from Test 
Implication Relevant Citations

MTMM Converging findings are 
the only data to 
contain domain- 
relevant information

Anything less than 
converging findings 
ought to be interpreted 
as inconclusive evidence

primary outcome measure methods; tests of 
measurement invariance; use of structural 
models that prioritize common variance; 
eschew estimating common or unique variance 
altogether and just examine informants’ 
reports individually

Bauer et al. (2013); Boutron et al. 
(2010); De Los Reyes et al. 
(2011); Howe et al. (2019); T.M. 
Olino et al. (2018)

CONTEXT At least some informant 
discrepancies reflect 
domain-relevant 
information

Informant discrepancies 
may optimize rather than 
hinder the 
interpretability of 
findings

strategic selection of informants that produce 
context-sensitive information; use of analytic 
procedures that facilitate identifying informant 
discrepancies and testing whether they contain 
domain-relevant information

Deros et al. (2018); Kraemer et al. 
(2003); Laird (2020); Lakind et al. 
(2022); Makol et al. (2020)

CONTEXT = Classifying Observations Necessitates Theory, Epistemology, and Testing. MTMM = Multi-Trait Multi-Method Matrix.
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reflect only measurement confounds. Here, the ad hoc 
hypothesis reflects a kind of confirmation bias (Tversky 
& Kahneman, 1974): A tendency to focus on evidence 
supporting a hypothesis and downplay contradictory 
evidence. In fact, the tangible outcomes of these ad hoc 
hypotheses reveal themselves when considering com
mon, MTMM-informed responses to observing infor
mant discrepancies. We cite these examples in Table 2.

For instance, in developing an MTMM-informed 
structural model for which the depression-distortion 
hypothesis formed its conceptual foundations, the sta
ted goal of Bauer et al. (2013) was to develop an 
analytic tool focused on creating, “integrative scores 
that are purged of the subjective biases of single 
informants” (p. 475). As currently applied (e.g., 
Curran et al., 2021; Shin et al., 2019; Soland & 
Kuhfeld, 2022), this model removes unique variance 
from reports to focus on attaining as “pure” an esti
mate of common variance as possible, and thus ren
ders informant discrepancies as measurement 
confounds. The epistemological underpinnings of the 
MTMM paradigm also inform applications of mea
surement invariance techniques to model informant 
discrepancies. Here, users are required to treat the 
detection of informant discrepancies as synonymous 
with detecting measurement confounds. As evidence, 
look no further than on page 1 of Millsap’s (2011) 
authoritative text, in which he states, “Measurement 
invariance is built on the notion that a measuring 
device should function the same way across varied 
conditions, so long as those varied conditions are 
irrelevant [emphasis added] to the attribute being 
measured.” As with the model developed by Bauer 
et al. (2013), users who apply these techniques assume 
that informant discrepancies reflect de facto measure
ment confounds. That is, within the ad hoc step of the 
hypothesis-testing process that informs use of these 
models, the user does not test whether the informant 
discrepancies they seek to detect and/or model indeed 
reflect measurement confounds (e.g., Alvarez et al., 
2021; Florean et al., 2022; Murray et al., 2021; 
Russell et al., 2016; Schiltz et al., 2021; T.M. Olino 
et al., 2018).

Sometimes, the ad hoc hypothesis process leads the 
user to simply “give up” on modeling or understanding 
common and/or unique variance altogether; we also cite 
examples of this in Table 2. Indeed, consider the com
mon practice of selecting a primary outcome measure to 
test the effects of interventions within randomized con
trolled trials designs (for reviews, see, Boutron et al., 
2010; De Los Reyes et al., 2011). When engaging in 
this practice, one selects a primary measure a priori 
and deems other measures as “secondary,” even those 

that assess effects on the same domain as the primary 
measure (e.g., reductions in symptoms of the domain 
targeted for intervention). This approach treats one 
instrument as a “gold standard” for gauging intervention 
effects. Why would one even consider applying this 
approach to interpreting intervention effects in 
a multivariate environment, unless they encounter 
uncertainty with interpreting the modal outcome, 
namely discrepant findings as to intervention effects? 
Of course, these issues are compounded when using 
this approach in youth mental health. Indeed, if scholars 
in this area agree on anything, it is that there exists no 
definitive means to declare an instrument designed to 
assess a mental health domain as the “gold standard,” 
relative to alternative instruments for assessing that 
same domain (e.g., Achenbach et al., 1987; Hunsley & 
Mash, 2007; Kazdin, 2017; Kraemer et al., 2003; De Los 
Reyes, 2011; Richters, 1992). Here too, the ad hoc step of 
the hypothesis-testing process informs use of a practice 
that has no evidentiary basis.

The epistemological approach adopted by users of 
CONTEXT markedly departs from approaches that 
users of MTMM-informed procedures must adopt. We 
designed CONTEXT to guide users to subject notions 
about what informant discrepancies reflect to empirical 
scrutiny. CONTEXT-informed research involves testing 
the following research hypothesis: Informant discrepan
cies contain unique domain-relevant information. 
Operationally, this hypothesis reflects an expectation 
that informant discrepancies reflect variations in one or 
more of the facets of situational specificity described pre
viously. This hypothesis also serves as a counterfactual to 
the null hypothesis in CONTEXT-informed research: 
Informant discrepancies reflect only measurement con
founds. Unlike the MTMM paradigm, CONTEXT guides 
users to implement hypothesis testing processes, to guard 
against merely accepting as true an ad hoc hypothesis 
about informant discrepancies. As we describe in further 
detail below, studies that align with CONTEXT’s features 
develop hypothesis-testing procedures whereby if the 
multi-informant approach being tested fails to produce 
domain-relevant informant discrepancies, then the logical 
outgrowth of such an event involves observing inconclu
sive findings (e.g., Deros et al., 2018; Makol et al., 2020). 
When this event arises, we designed CONTEXT to guide 
users not toward creating ad hoc explanations for the 
inconclusive evidence, but rather toward conducting fol
low-up studies that address the possibility that the “null 
hypothesis” is true: The discrepancies they observed may, 
in fact, reflect measurement confounds (see also, De Los 
Reyes et al., 2013a).

In sum, distinctions between CONTEXT and the 
MTMM paradigm readily appear in the epistemological 
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principles they each guide users to adopt. When discre
pant findings reflect the modal data conditions in an 
area of scholarly inquiry (e.g., informant discrepancies 
in youth mental health assessments), the ad hoc hypoth
esis process that logically follows from use of the 
MTMM paradigm plagues decision-making. This pro
cess bars direct tests of whether the initial hypothesis 
(e.g., findings should converge) cannot explain the data 
conditions (e.g., informant discrepancies reflect 
domain-relevant information). In contrast, CONTEXT 
leverages hypothesis testing to improve decision- 
making. Yet, in line with Hempel (1966), CONTEXT 
requires not just a logical hypothesis testing process, but 
also precise empirical conditions for interpreting the test 
implications inherent in understanding and interpreting 
informant discrepancies.

Testing

I am beginning to recognize the fact that nothing is 
true . . . .it’s all down to perception . . . .I have fantastic 
memories, but everybody’s memory is different, so 
they’re just my memories . . . .I know that Maurice and 
Robin would have had a different kind of memory. 
(Barry Gibb, The Bee Gees: How Can You Mend 
a Broken Heart, 2020)

The notion that convergence equals the truth appears so 
ingrained in thinking about behavior that its adopters 
traverse scholars with research training and lay indivi
duals without such training. In this respect, this notion 
exemplifies features of folk psychology (Knobe & 
Mendlow, 2004), an area of study as old as Psychology 
itself (Haeberlin, 1916; Wundt, 1916). We have long 
known that folk psychological principles often exhibit 
limited explanatory power and fail to withstand empiri
cal scrutiny (Goldenweiser, 1912). In this respect, we 
already demonstrated some of the epistemological lim
itations of the MTMM paradigm. We also articulated 
how CONTEXT’s own epistemological process corrects 
for these limitations (Table 2).

In this section, we highlight fundamental flaws with 
use of the MTMM paradigm when assessing youth 
mental health. In particular, the MTMM paradigm’s 
assumptions guide users to engage in research practices 
that are not only antithetical to use of structurally dif
ferent informants, but they also bar users from subject
ing these assumptions to empirical scrutiny. The 
MTMM paradigm’s assumptions act as a “force field” 
between users and research practices that would facil
itate falsifiability (Popper, 1962). Although validation 
paradigms are not scientific theories (see, Levy, 1969), 
a prospective user ought to nonetheless be able to 

empirically scrutinize their fit to a given set of data 
conditions. In fact, we cite below studies that engaged 
in research practices that contributed to drawing incor
rect conclusions from research findings, and we draw 
connections between these errors in decision-making 
and the MTMM paradigm’s assumptions. Our focus is 
on three sets of practices: (a) selecting informants, (b) 
selecting analytic procedures, and (c) designing studies. 
Along the way, we describe how CONTEXT guides users 
toward engaging in fundamentally distinct research 
practices from those guided by the MTMM paradigm, 
and how CONTEXT’s guidance represents a closer 
alignment with the use of structurally different infor
mants and the data conditions that typify youth mental 
health.

Selecting Informants
The “origin story” of how CONTEXT and the MTMM 
paradigm each inform fundamentally distinct research 
practices regarding selecting informants―both in terms 
of how many informants as well as which informants to 
select―traces back to our earlier discussion about the 
origins of psychological measurement. We summarize 
these distinctions in Table 3. Let us take a second look at 
Edgeworth (1888), namely at the idea that no one rater 
provides a perfect score, and at the same time, none 
provides a rating with value unique to itself. We dis
cussed how Garner et al. (1956) extended this idea to 
interpret findings from different experiments designed 
to address the same hypothesis, and that one can draw 
a throughline between these ideas and core assumptions 
underlying the MTMM paradigm. If the MTMM para
digm originates from these sources, how might it inform 
research practices surrounding selecting informants?

The answer to this question begins with a fact: The 
MTMM paradigm draws inspiration from conceptual 
models that ascribe no unique value to individual data 
points (e.g., findings from separate experiments, raters of 
a single assessment target). Edgeworth (1888), Garner et al. 
(1956), and Campbell and Fiske (1959) all focused on 
attaining precise estimates of common variance, and in 
fact, created paradigms that, ideally, would result in data 
conditions with as much common variance―and as little 
unique variance―as possible. A validation paradigm 
informed by such concepts―where common variance is 
what matters―must necessarily view individual data 
sources as either exclusively or primarily the means by 
which one models common variance. Thus, the guidance 
on selecting informants that the MTMM paradigm pro
vides users logically leads them down one path: Select more 
than one informant, but which informants one selects does 
not matter. In fact, one can easily observe this guidance in 
both statements by adherents of the MTMM paradigm and 
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research practices leveraged by scholars who address their 
questions with MTMM-informed analytic procedures.

Consider two examples. The first example comes 
from the developers of the MTMM paradigm themselves 
(Fiske & Campbell, 1992), who articulated their perspec
tive on the ideal matrix: “one that is based on fairly 
similar concepts and plausibly independent methods” 
(p. 393). The developers of the MTMM paradigm 
never made any other mention of the characteristics of 
the methods used, just that users of the paradigm (a) use 
more than one method and (b) that the methods are 
“plausibly independent.” Again, the data sources reflect 
the means by which one models common variance.

A second example highlights another MTMM- 
informed strategy for selecting informants. 
Arguably, this method focuses on maximizing com
mon variance, even at the expense of who the infor
mants are, or even in the absence of a sound 
rationale for which informants a user inputs into 
the model. Earlier, we discussed the MTMM- 
informed structural model developed by Bauer 
et al. (2013) designed to “purge” integrative scores 
of the effects of informant discrepancies. What we 
did not mention was how they demonstrated use of 
the model. As with all models, the viability of their 
model is dictated by its fit with the data conditions 
to which it is applied. Thus, to demonstrate the fit 
of their model, Bauer and colleagues leveraged 
mother and father reports of youth emotions, 
recruited from a large sample of parents who pro
vided reports for youth between the ages of 2 and 

18. Importantly, the authors provided little rationale 
for which specific informants they selected, other 
than to note that they required a set of informants 
who could report about youth emotions across 
a large age range of youth (see p. 484 of Bauer 
et al., 2013). However, because the authors’ model
ing approach was informed by the MTMM para
digm, we can surmise that at least one other factor 
was at play.

In the case of the informants selected by Bauer 
et al. (2013), it is perhaps no coincidence that, 
relative to other pairs of informants (e.g., parent- 
teacher, teacher-youth, parent-youth), none display 
larger levels of correspondence than mothers and 
fathers (see, Achenbach et al., 1987; Duhig et al., 
2000; De Los Reyes et al., 2015, 2019a). Thus, if 
someone wanted to maximize the amount of com
mon variance estimated in a structural model, no 
other pair of informants beyond mothers and 
fathers would encounter greater success in doing 
so. Importantly, no other rationale linked to select
ing informants would justify selecting only mothers 
and fathers to assess an internal process like youth 
emotions. In fact, every set of recommendations 
available to the authors at the time (i.e., pre-2013) 
would have made the same recommendations that 
researchers have available to them now. Specifically, 
it is established practice (and perhaps ethically 
incumbent) in this particular sub-field that the 
informants used to assess youths’ emotions should 
include youth self-reports (for a pre-2013 review, 

Table 3. Differences between CONTEXT and the MTMM paradigm in guidance on research practices surrounding selection of 
informants.

Validation 
Paradigm Central Focus of Paradigm

Treatment of Individual Informants’ 
Reports that Logically Results from 

Focus
Research Practice That Logically 

Extends from Focus Relevant Citations

MTMM Attain precise estimates of common 
variance

If the means for selecting informants is 
to achieve the end of estimating 
common variance, then no one 
informant’s report has value unique 
to itself; each report simply reflects 
“error” around a measure of central 
tendency (i.e., common variance)

Select multiple informants for the sole 
purpose of maximizing precision in 
estimating common variance; the 
actual informants do not matter 
(e.g., could be structurally different, 
random raters, parents, teachers, 
youth, peers), so long as one attains 
precise estimates of common 
variance

Bauer et al. (2013); 
Edgeworth (1888); 
Fiske and Campbell 
(1992); Roberts and 
Caspi (2001)

CONTEXT Strike a balance between attaining 
precise estimates of both 
common variance and domain- 
relevant unique variance (i.e., 
informant discrepancies)

If the means of the multi-informant 
approach involve collecting reports 
from structurally different 
informants, and the informant 
discrepancies resulting from this 
approach ought to contain domain- 
relevant information, then 
determining which specific 
informants will provide reports is as 
an important decision as 
determining the content of the 
measures the informants will 
complete

Strategically select informants who will 
produce both common variance and 
informant discrepancies that contain 
domain-relevant information; the 
actual informants are instrumental 
to optimizing measurement validity

De Los Reyes et al. 
(2009); Kraemer 
et al. (2003); Makol 
et al. (2020)

CONTEXT = Classifying Observations Necessitates Theory, Epistemology, and Testing. MTMM = Multi-Trait Multi-Method Matrix.
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see, Hunsley & Mash, 2007). Further, two decades 
ago Kraemer et al. (2003) successfully integrated 
youth, parent, and teacher reports when assessing 
youth internalizing concerns, even in samples of 
youth as young as four years of age. Here too, it 
appears that the MTMM paradigm guides users to 
see the use of multiple informants as a means of 
modeling common variance, arguably at the expense 
of violating prevailing recommendations for which 
informants to use.

As we summarize in Table 3, the guidance that 
CONTEXT provides users on research practices in 
selecting informants could not be more distinct from 
that of the MTMM paradigm. With CONTEXT, not 
only do the actual informants matter, but the theory 
and evidence that informed the development of 
CONTEXT indicates that the informants matter as 
much―and sometimes, arguably more than (e.g., see, 
Makol et al., 2019)―the domains about which 
researchers solicit their reports. Indeed, taken to its 
logical conclusion, the notion of situational specificity 
dictates that a researcher leverages structurally differ
ent informants who have the expertise to provide 
them with a holistic view of the youth the researcher 
seeks to assess. One cannot achieve that aim unless 
they strategically select informants; the informants 
have to matter. Each of the studies we summarize in 
our illustration below of CONTEXT’s features make 
this guidance abundantly clear (e.g., Becker-Haimes 
et al., 2018; Lerner et al., 2017; De Los Reyes et al., 
2009; Makol et al., 2020). Taken together, CONTEXT 
and the MTMM paradigm each provide diametrically 
opposed guidance on research practices surrounding 
selecting informants.

Selecting Analytic Procedures
The core assumptions of CONTEXT and the MTMM 
paradigm impact at least two other research practices. We 
previously clarified differences between their assumptions: 
The latter emphasizes common variance, whereas the for
mer emphasizes both common variance and domain- 
relevant unique variance. What are the implications of 
these assumptions for selecting analytic procedures that 
account for domain-relevant unique variance? Put simply, 
a researcher cannot possibly rely on the MTMM paradigm 
for guidance on such procedures, particularly when mod
eling data from structurally different informants. Indeed, if 
use of structurally different informants produces domain- 
relevant unique variance, how could the MTMM―a para
digm that assumes such variance does not exist―provide 
users with guidance on modeling it?

In Table 4, we summarize the distinctions between 
CONTEXT and the MTMM paradigm as to the guidance 
they provide on practices relevant to selecting analytic 
procedures. Understanding these distinctions involves sti
pulating the prerequisites to considering common variance 
(i.e., informant agreement) and domain-relevant unique 
variance (i.e., informant discrepancies) as unique predic
tors. When using structurally different informants to pre
dict a criterion variable (e.g., treatment response, observed 
behavior on a laboratory task), modeling both common 
variance and domain-relevant unique variance means that 
you allow both to explain variance in the criterion. To start, 
it is reasonable to assume that Converging Operations 
reflect a reality: Portions of reports from structurally dif
ferent informants display commonalities in how they pre
dict the criterion. By construction, this assumption holds 
that informant agreement reflects domain-relevant infor
mation. Beyond this variance, we previously highlighted 

Table 4. Differences between CONTEXT and the MTMM paradigm in guidance on research practices surrounding selection of analytic 
procedures.

Validation 
Paradigm Central Focus of Paradigm Logical Result of Focus

Research Practices That 
Logically Extend from 

Focus Relevant Citations

MTMM Attain precise estimates of common 
variance, because informant 
discrepancies reflect measurement 
confounds

If informant discrepancies reflect 
measurement confounds, then there is 
no legitimate reason for modeling 
them, other than creating estimates of 
error for modeling purposes

Use of analytic procedures 
that cannot estimate 
the incremental value 
of informant 
discrepancies

Alvarez et al. (2021); Murray 
et al. (2021); T.M. Olino 
et al. (2018); Russell et al. 
(2016); van der Ende et al. 
(2020)

CONTEXT Strike a balance between attaining 
precise estimates of both common 
variance and unique variance, 
because informant discrepancies may 
reflect domain-relevant information

If informant discrepancies may reflect 
domain-relevant information, and 
common variance estimates are likely 
domain-relevant as well, then one 
must leverage analytic procedures that 
allow one to determine the relative 
value of both common and unique 
variance for the purpose of scholarly 
inquiry (e.g., characterizing behavior, 
predicting outcomes, theory testing)

Use of analytic procedures 
that facilitate testing for 
the incremental value 
of informant 
discrepancies

Becker-Haimes et al. (2018); 
De Los Reyes et al. (2009); 
Laird and De Los Reyes 
(2013); Makol et al. (2019, 
2020)

CONTEXT = Classifying Observations Necessitates Theory, Epistemology, and Testing. MTMM = Multi-Trait Multi-Method Matrix.
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that in a given sample of structurally different informants’ 
reports of youth mental health, one could leverage regres
sion commonality analyses to estimate overlapping var
iance from these reports in prediction of a common 
criterion variable (see, Cohen et al., 2003), and that these 
analyses facilitate decomposing common and unique var
iance in such prediction (see, De Los Reyes et al., 2015). By 
definition, such analyses reveal that in any one sample of 
multi-informant predictors, one will likely discover a non- 
zero estimate of common variance and a non-zero estimate 
of domain-relevant unique variance. Thus, it becomes cru
cial when modeling data from structurally different infor
mants to leverage analytic procedures that allow for not 
only demonstrating the utility of common variance in 
predicting a criterion, but also the incremental value of 
domain-relevant unique variance for predicting that same 
criterion.

As with guidance on selecting informants, examples 
in the published literature highlight distinctions 
between CONTEXT and the MTMM paradigm on 
research practices regarding selection of analytic pro
cedures. For instance, van der Ende et al. (2020) 
recently tested an MTMM-informed structural model 
to determine the predictive utility of multi-informant 
assessments of youth mental health in predicting men
tal health outcomes in adulthood. To examine whether 
informant discrepancies contribute to prediction, the 
authors incorporated estimates of the measured differ
ences between informants’ reports (i.e., difference 
scores; Laird, 2020). However, it has been long-known 
that use of difference scores precludes the ability to 
demonstrate the incremental predictive value of infor
mant discrepancies (see, Edwards, 1994; Laird & 
Weems, 2011). To address this concern, van der Ende 
and colleagues used a procedure that, unlike difference 
scores, accounts for incremental value (i.e., polynomial 
regression; Laird & De Los Reyes, 2013). Importantly, 
whereas analyses relying on difference scores produced 
evidence supporting the predictive value of informant 
discrepancies, polynomial regression analyses all indi
cated null effects. As the authors relied on a relatively 
large sample of nearly 600 youth, statistical power 
issues were not likely to have contributed to differences 
in the findings of these two procedures. Although the 
polynomial regression analyses indicated null effects, 
the authors nonetheless concluded that informant dis
crepancies “contributed to the prediction of adult 
internalizing and externalizing DSM disorders” 
(p. 343). One could argue that drawing such 
a conclusion stemmed from overreliance on the 
MTMM paradigm to select analytic procedures, even 
at the expense of drawing erroneous conclusions from 
research findings.

As another example of an MTMM-informed analytic 
procedure that precludes testing for the incremental value 
of domain-relevant unique variance, consider the measure
ment invariance techniques described previously. We pre
viously mentioned that assumptions underlying use of the 
technique require users to treat the detection of informant 
discrepancies as synonymous with detecting measurement 
confounds. What we have yet to articulate is exactly what 
users of these techniques do with the evidence gleaned 
from these techniques. Users of these techniques leverage 
the evidence gleaned from tests of measurement invariance 
to identify items that function differentially across mea
surement conditions (see, Meredith, 1993; Millsap, 2011; 
Osterlind & Everson, 2009). In the case of informant dis
crepancies, these would consist of items that function 
differently between informants’ reports on parallel instru
ments. In essence, evidence from tests of measurement 
invariance inform revising item content, such that the 
only items that remain on the instrument are those that 
demonstrate convergence between informants on item 
functioning. Consider the implications if these techniques 
were misapplied. What if they were applied to detect mea
surement conditions that the user wrongfully assumed 
reflect measurement confounds? By construction, using 
this technique under these circumstances precludes the 
ability of testing for domain-relevant unique variance. 
Yet, this currently occurs in youth mental health research, 
where researchers have applied these techniques to detect 
informant discrepancies (e.g., Alvarez et al., 2021; Florean 
et al., 2022; Murray et al., 2021; Russell et al., 2016; Schiltz 
et al., 2021; T.M. Olino et al., 2018). The logical result of 
using these techniques is to remove items that solicit 
domain-relevant responses from informants. Within data 
conditions in which informant discrepancies contain 
domain-relevant information, application of these techni
ques cannot possibly optimize measurement validity.

Taken together, the core assumptions underlying the 
MTMM paradigm prevent it from accurately guiding 
users to select analytic procedures that facilitate under
standing and modeling the most frequently observed data 
conditions when using structurally different informants. 
In contrast, CONTEXT guides users to accurately select 
analytic procedures that fit the data conditions that typi
cally result from use of structurally different informants. 
Indeed, unlike the MTMM paradigm, a core feature of 
CONTEXT involves assuming that structurally different 
informants’ reports may produce both common variance 
and domain-relevant unique variance. Consequently, 
CONTEXT guides users to consider analytic procedures 
that fit that assumption, or procedures that facilitate char
acterizing both of these kinds of variance. With regard to 
informant discrepancies research, one issue with articu
lating exactly which analytic procedures allow users to 
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characterize both common variance and domain-relevant 
unique variance has to do with the history of this research 
as it has manifested in youth mental health. Historically, 
much of the work in this area has been hindered by use of 
procedures that cannot achieve these aims (e.g., difference 
scores; see, Laird & De Los Reyes, 2013; Laird & Weems, 
2011; De Los Reyes & Ohannessian, 2016). Only recently 
have researchers developed and/or implemented proce
dures that correct for this limitation of prior work.

Here, we briefly describe three of these procedures. 
The first procedure was one we mentioned previously, 
polynomial regression (Edwards, 1994). Using this proce
dure, researchers have examined structurally different 
informants’ reports as predictors of youth outcomes (for 
reviews, see, Laird, 2020; De Los Reyes & Ohannessian, 
2016). Relevant to this discussion, the procedure facili
tates detecting variance explained by each individual 
informant’s report. Over-and-above the variance 
explained by these reports, statistical interactions calcu
lated between informants’ reports allow researchers to 
characterize specific reporting patterns. These patterns 
include instances in which informants agree in their 
reports (i.e., common variance) and disagree in their 
reports (i.e., unique variance; see, De Los Reyes et al., 
2019b). When applied to multi-informant data (e.g., 
Lerner et al., 2017; Makol et al., 2019), person-centered 
models such as latent class analysis reflect a second ana
lytic procedure (Bartholomew et al., 2002). Similar to 
polynomial regression, latent class analysis allows 
researchers to characterize subgroups of informants’ 
reports about a sample of youth. Here as well, this proce
dure facilitates detecting instances in which informants’ 
reports agree (i.e., yield similar findings) as well as dis
agree (i.e., yield discrepant findings). A third example can 
be found in factor-analytic work by Kraemer et al. (2003), 
who developed a form of principal components analysis 
that facilitates characterizing multi-informant data in 
terms of a common variance component and multiple 
unique variance components. Below, we illustrate studies 
that have recently demonstrated how each of the analytic 
procedures we described facilitate characterizing com
mon variance and domain-relevant unique variance ger
mane to using structurally different informants. In sum, 
CONTEXT and the MTMM paradigm each provide fun
damentally distinct guidance on research practices sur
rounding selection of analytic procedures.

Designing Studies
We previously described CONTEXT-informed analytic 
procedures as those that allow users to “characterize” 
multi-informant data in terms of the common variance 
(i.e., informant agreement) and unique variance (i.e., 
informant discrepancies) they produce. To merely assume 

these characterizations reflect something valid and 
domain-relevant would reflect a well-known decision- 
making error in the psychometric literature known as 
the naming fallacy: “Just because a factor is named does 
not mean that the hypothetical construct is understood or 
even correctly labeled” (Kline, 2016, p. 300). If users of 
CONTEXT relied only on these characterizations to, for 
instance, deem an instance of informant discrepancies as 
domain-relevant, then they would be engaging in the 
same kinds of confirmation biases that users of the 
MTMM paradigm engage in when assuming that all 
informant discrepancies reflect measurement confounds 
(Table 2). Making claims about what informant discre
pancies represent requires carefully conducted studies 
that link characterizations of informant discrepancie
s―or informant agreement in the case of common var
iance―to domain-relevant criterion variables. The 
phenomena these criterion variables were constructed to 
reflect, along with their methodological characteristics, 
dictate the claims researchers are justified in making. In 
this section, we demonstrate how CONTEXT and the 
MTMM paradigm produce differential guidance for 
users on at least one more set of research practices, 
namely on designing studies.

In Table 5, we summarize the distinctions between 
CONTEXT and the MTMM paradigm as to the guidance 
they provide on practices relevant to designing studies. As 
before, these distinctions stem from the “origin stories” of 
the two paradigms (see, Tables 1 and 2). If the MTMM 
paradigm assumes that informant discrepancies signal 
measurement confounds, then the logical extension of 
this assumption is that measurement confounds also 
account for discrepancies between informants’ reports 
and data from non-informant modalities, such as trained 
observers’ behavioral ratings or indices drawn from 
a performance-based task. Not surprisingly, discrepancies 
between informants’ reports and non-informant modal
ities robustly manifest across multi-modal assessments of 
youth mental health (e.g., Clarkson et al., 2020; De Los 
Reyes et al., 2020; Meyer et al., 2001). When viewed 
through the lens of the MTMM paradigm, it is also not 
surprising to see a plethora of instances in which research
ers have used these discrepancies to cast doubt on the 
veracity of informants’ reports, non-informant methods, 
or both (for reviews, see, Dunning et al., 2004; De Los 
Reyes et al., 2019a). This perspective has dire conse
quences for the decisions that researchers make when 
designing studies. In particular, this perspective may 
guide researchers toward thinking that either the infor
mants or modalities chosen do not matter, or that they 
each inhibit one’s ability to observe converging findings.

Consider some examples. In youth mental health, 
researchers typically construct MTMM-informed 
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structural models focused on estimating common variance 
among indicators, and the indicators chosen most often 
consist of multi-informant reports completed on parallel 
instruments (for a review, see, Eid et al., 2008). Recent work 
indicates that these multi-rater models not only produce 
informant discrepancies, but also that these same models 
cannot distinguish informant discrepancies that reflect 
measurement confounds from those that reflect domain- 
relevant information (Watts et al., 2022). This is largely due 
to the fact that these models often only consist of multiple 
informants’ reports, not only to construct estimates of 
common variance on the same domains (e.g., internalizing, 
externalizing) but also in the construction of covariates or 
criterion variables. This reliance on the same modality to 
assess all domains means researchers who rely on this study 
design cannot rule out the possibility that their findings 
arose simply because of criterion contamination or rater- 
specific variance (see Garb, 2003). This was true of the van 
der Ende et al. (2020) study described previously, which 
relied on self-reports to estimate informant discrepancies 
(i.e., among parents, teachers, and youth) as well as to assess 
the outcomes used to estimate the predictive utility of these 
discrepancies.

The implications of these issues are perhaps more ser
ious for researchers conducting MTMM-informed studies 
of factors that they hypothesize might account for infor
mant discrepancies. With the Bauer et al. (2013) study, we 
previously mentioned that their MTMM-informed struc
tural model carried the assumption that all informant dis
crepancies reflect measurement confounds. What we have 
yet to mention is that the model also included a feature that 
allows users to input as covariates factors that are hypothe
sized to account for rater biases. Because the model was 

informed by the depression-distortion hypothesis, Bauer 
and colleagues demonstrated this feature by inputting var
ious mental health characteristics of the mothers and 
fathers to “stand in” as these biasing factors. The authors 
assessed these characteristics via self-report assessments of 
substance use history and history of mood or personality 
disorders, which mothers and fathers provided on struc
tured diagnostic instruments administered by lay inter
viewers. Because assessments of informant discrepancies 
and these covariates involved reports of domains of interest 
from mothers and fathers, issues surrounding criterion 
contamination apply as much with this study as we pre
viously described for the study by van der Ende et al. 
(2020). Yet, one other study design decision by Bauer and 
colleagues compounds the issues raised, namely how they 
treated the biasing factors. Within the design of this study, 
the authors assumed that any variance in informant dis
crepancies explained by factors such as parental substance 
use and mood disorder history reflected a rater bias. Yet, 
we also know from decades of research that these same 
factors are implicated in the development and maintenance 
of youth mental health concerns, including the emotional 
functioning domains about which the mothers and fathers 
in the sample provided reports (see also, Goodman et al., 
2011; De Los Reyes & Makol, 2022). The authors made no 
attempt to decompose variance in these factors in terms of 
domain-relevant associations with youth emotions (i.e., the 
domain rated by mothers and fathers) and rater biases. 
Thus, in this study, any links observed between informant 
discrepancies and parental mental health could simply 
reflect a combination of rater-specific variance and long- 
known effects in the youth mental health literature (i.e., 
that parental functioning impacts youth functioning).

Table 5. Differences between CONTEXT and the MTMM paradigm in guidance on research practices surrounding study design.

Validation 
Paradigm

Core Assumption 
Regarding Informant 

Discrepancies Logical Result of Focus
Research Practices That Logically Extend 

from Focus Relevant Citations

MTMM All informant 
discrepancies 
reflect 
measurement 
confounds

If informant discrepancies reflect 
measurement confounds, then it is 
logical to assume that discrepancies 
between informants’ reports and other 
non-informant modalities (e.g., 
observed behavior) also reflect 
measurement confounds

Use of study designs that cannot 
distinguish informant discrepancies 
that reflect measurement confounds 
from those that reflect domain-relevant 
information

Bauer et al. (2013); De Los 
Reyes et al. (2019a); 
Dunning et al. (2004); van 
der Ende et al. (2020); Watts 
et al. (2022)

CONTEXT At least some 
informant 
discrepancies 
contain unique 
domain-relevant 
information

If the means of the multi-informant 
approach involve collecting reports 
from structurally different informants, 
and the informant discrepancies 
resulting from this approach ought to 
contain domain-relevant information, 
then detecting this information 
requires careful attention to selecting 
non-informant modalities to serve as 
domain-relevant validity indicators; 
selecting validity indicators is as an 
important decision as selecting the 
informants

Use of study designs that facilitate 
distinguishing informant discrepancies 
that reflect measurement confounds 
from those that reflect domain-relevant 
information; these designs involve 
“matching” the structural 
characteristics of the informants 
providing reports with the structural 
characteristics of the non-informant 
modalities used to construct validity 
indicators

Al Ghriwati et al. (2018); De Los 
Reyes et al. (2009, 2013c, 
2022c); Makol et al. (2019, 
2020)

CONTEXT = Classifying Observations Necessitates Theory, Epistemology, and Testing. MTMM = Multi-Trait Multi-Method Matrix.
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The features of CONTEXT guide users to make funda
mentally distinct decisions regarding study design, relative 
to the guidance the MTMM paradigm provides its users. 
We previously mentioned that CONTEXT guides users to 
assume that (a) which informants they select is as impor
tant as the domains about which they provide reports and 
(b) the analytic procedures chosen to characterize infor
mant discrepancies must facilitate understanding common 
variance as well as domain-relevant unique variance. The 
guidance CONTEXT provides users regarding study 
design allows users to capitalize on these research practices 
and draw valid inferences from study findings. This gui
dance starts with the composition of criterion variables 
used to validate characterizations of informant discrepan
cies and/or informant agreement.

To detect domain-relevant information in informant 
discrepancies and/or informant agreement, users of 
CONTEXT pay special attention to the key characteristics 
of criterion variables, namely their underlying methodol
ogy and the connections between this methodology and the 
structural differences among informants. Indeed, these 
aspects of criterion variables dictate the inferences 
a researcher could justifiably draw from studies seeking to 
validate characterizations of informant discrepancies and/ 
or informant agreement. Consider criterion contamina
tion. CONTEXT guides users to leverage criterion variables 
that facilitate ruling out the confound that significant links 
between characterizations of discrepancies and/or agree
ment and criterion variables resulted from using the same 
measurement source for all variables. In fact, in Table 5 we 
cite studies that leveraged a range of criterion variables to 
test the validity of characterizations of informant discre
pancies and/or informant agreement, including indepen
dent observers’ behavioral ratings, physiological indices, 
and scores from performance-based tasks.

Addressing the issue of criterion contamination is 
essential in drawing valid inferences from studies pur
porting to demonstrate links between characterizations of 
informant discrepancies and/or informant agreement and 
criterion variables. However, this element of guidance 
that CONTEXT provides its users does not fully address 
the naming fallacy issue described previously. Beyond 
addressing issues with criterion contamination, 
CONTEXT provides users with two more explicit pieces 
of guidance relevant to addressing the naming fallacy. 
One piece of guidance directly relates to core assumptions 
surrounding use of structurally different informants. 

Specifically, we previously mentioned that when infor
mants structurally differ from each other, these structural 
differences ought to reflect domain-relevant phenomena, 
such as parents observing youth at home and teachers 
observing youth at school. What we have yet to discuss is 
the implications this assumption has for constructing 
criterion variables: The criterion variables must demon
strate domain-relevant, structural characteristics of their 
own. Consequently, in Table 5 the studies cited in relation 
to CONTEXT not only used criterion variables that were 
independent in modality relative to the informants’ 
reports, but they also reflected indices that displayed 
domain-relevant structural characteristics. Examples of 
these criterion variables include school observations, 
laboratory tasks designed to reflect home-based family 
interactions, tasks designed to index clinical impairments 
linked to social communication, performance-based tasks 
designed to index emotion recognition, tasks designed to 
index physiological functioning, and treatment-related 
decisions made by trained clinical personnel.

A second piece of guidance derived from CONTEXT’s 
features concerns the explicit linkage of the structural 
characteristics of criterion variables with the structural 
differences among the informants providing reports. It is 
this second piece of guidance that directly addresses issues 
germane to the naming fallacy described previously. That 
is, do characterizations of informant discrepancies and/or 
informant agreement relate to or predict variations on 
these criterion variables in domain-relevant ways? For 
instance, consider a task that was designed to index how 
consistently a youth undergoing evaluation displayed 
a specific behavior across home and school contexts (e.g., 
oppositional behavior). In a study examining parent and 
teacher reports in relation to such a criterion variable, do 
discrepancies between reports signal context-specific beha
vior on the criterion variable, namely behavior that man
ifests in the home-based portion of the task but not the 
school-based portion, or vice-versa? Conversely, does 
agreement between reports signal cross-contextual beha
vior on the criterion variable, namely behavior that man
ifests across both the home- and school-based portions of 
the task? By testing links between characterizations of 
informant discrepancies and/or informant agreement and 
domain-relevant criterion variables, users of CONTEXT 
can directly test the validity of these characterizations and 
thus avoid decision-making errors linked to criterion con
tamination and the naming fallacy.2

2CONTEXT allows for this process to occur in both directions, such that multi-informant data could be used to validate discrepancies observed on non- 
informant modalities. Consider a researcher who designed a battery of context-specific tasks to index domain-relevant unique variance (i.e., discrepancies 
between indices reflecting behavior in different social contexts). The researcher would be incorrect to assume, absent validation testing, that between-task 
discrepancies reflect domain-relevant information. To conduct the validation tests that would justify such an assumption, the researcher could use as 
a criterion measure indices of informant discrepancies for which prior CONTEXT-informed research had already demonstrated reflect domain-relevant 
information.
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Summary Comments

We provided an overview of the key features of 
CONTEXT, namely the guidance it provides users on 
theory, epistemology, and testing as it pertains to mea
surement validation using structurally different infor
mants’ reports of youth mental health. On the surface, it 
would be reasonable to argue that CONTEXT simply 
guides users to engage in sound research practices. To 
address this argument, we carefully articulated the core 
assumptions of the MTMM paradigm and how these 
assumptions guide users to make decisions regarding 
use of structurally different informants’ reports. We also 
cited actual decisions regarding research practices users of 
the MTMM paradigm made, in line with this guidance. 
MTMM-informed guidance and practices fundamentally 
differ from the guidance and practices that stem from 
CONTEXT’s features (Tables 1–5). Thus, we revealed 
a “ground truth” about use of structurally different infor
mants: What one considers a “sound research practice” is 
dictated by the validation paradigm that informed the 
practice. Scholars who leveraged the MTMM paradigm 
to address their aims made decisions they clearly thought 
reflected sound research practices. As did the peers who 
reviewed their work. Importantly, the MTMM-informed 
work as cited in Tables 1–5 appeared in some of the most 
influential peer review journals in Psychology, including 
Psychological Methods, Journal of Abnormal Psychology, 
and Psychological Assessment. Yet, we also articulated how 
these practices do not align with the data conditions that 
typify use of multi-informant approaches to assessing 
youth mental health. In turn, we described how 
CONTEXT guides users to engage in research practices 
that do align with these same data conditions. This raises 
the question: What evidence exists to indicate that 
researchers can carry out studies that align with 
CONTEXT’s features and the guidance it provides 
users? We address this question in the section that 
follows.

Illustrations of Research that Align with the 
Features of CONTEXT

A widely read and widely cited Psychological Bulletin 
article is one that researchers can use. Is our article 
being used as a crutch? Matrices published today con
tinue to be about as unsatisfactory as those published 
more than 33 years ago. Editors and readers are accept
ing matrices showing limited convergence or discrimi
nation, or both . . . .The only published ones that are 
fairly good are those using rather similar methods or 
quite disparate traits or other attributes or both. We 
have yet to see a really good matrix . . . . (Fiske & 
Campbell, 1992; p. 393)

In their article, Citations do not solve problems, Fiske and 
Campbell (1992) had the luxury of time and data―over 
30 years of research―to form a perspective on the MTMM 
paradigm’s impact on measurement validation. As the 
above-referenced quote states, they submitted a fairly pes
simistic evaluation, as indicated by the quality of matrices 
developed over the course of several decades of researchers’ 
use of the MTMM paradigm. In a very real sense, Fiske and 
Campbell “tipped their hand,” so to speak. Their state
ments connoted their view that matrices informed by the 
MTMM paradigm had never lived up to the paradigm’s 
assumptions. We also previously noted that these issues 
exist to this day (see, Watts et al., 2022).

Similar to the MTMM paradigm, with CONTEXT we 
had the luxury of both prior theory and evidence to guide 
development of its features. However, unlike the MTMM 
paradigm, we can already see studies that not only align 
with CONTEXT’s features, but are also making significant 
inroads into optimizing measurement validity. In turn, 
these studies appear poised to inform the next generation 
of research on key areas of work in youth mental health. 
Along these lines, in this section we illustrate research in 
three areas: (a) characterizing youth mental health 
(Table 6), (b) predicting youth mental health outcomes 
(Table 7), and (c) testing theories about links between 
informant discrepancies and youth mental health (Table 8).

Characterizing Youth Mental Health

Researchers frequently leverage multi-informant 
approaches to assessment to understand a youth’s men
tal health functioning at a given moment in time, and for 
use in research on such issues as diagnosis, classification, 
and treatment planning. If the informant discrepancies 
produced when using structurally different informants 
reveal domain-relevant information, then they ought to 
improve the validity of scores taken from multi- 
informant data. Under these circumstances, use of struc
turally different informants ought to boost the ability of 
researchers to draw valid inferences from findings on 
studies that leverage multi-informant data. Use of these 
multi-informant data ought to facilitate characterizing 
domain-relevant links between youth mental health and 
clinical phenomena. Examples of these phenomena 
include the contexts in which mental health concerns 
manifest. In line with these notions, prior studies that 
aligned themselves with CONTEXT’s features illustrate 
the ability of multi-informant data―namely patterns of 
informant discrepancies and/or informant agree
ment―to facilitate characterizing links between youth 
mental health concerns and the contexts in which these 
concerns manifest.
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Leveraging Multi-Informant Data to Detect 
Contextual Variations in Youth Mental Health
In a demographically diverse sample of 327 preschoo
lers, De Los Reyes et al. (2009) examined patterns of 
informant discrepancies and informant agreement 
among parents’ and teachers’ reports about preschoo
lers’ disruptive behavior. Researchers identified pre
schoolers for whom reports varied as to whether they 
displayed relatively high levels of disruptive behavior. 
Consistent with diagnostic procedures in the DSM-IV 
(American Psychiatric Association, 2000), a report was 
deemed “relatively high” if the informant endorsed three 
or more symptoms of a disruptive behavior disorder 
(i.e., conduct disorder, oppositional defiant disorder). 
Researchers then created four groups of preschoolers 
to characterize patterns of informant discrepancies and 
informant agreement on reports of high levels of dis
ruptive behavior based on: (a) both parent and teacher 
report, (b) parent but not teacher report; (c) teacher but 
not parent report, and (d) neither parent nor teacher 
report. These characterizations operate in ways akin to 
the latent class analysis procedures described previously. 
In fact, the groups created by De Los Reyes et al. (2009) 
have been replicated by a number of investigative teams, 
who conducted formal tests of their presence using 
latent class analyses of parent and teacher data about 
youth externalizing concerns (e.g., Fergusson et al., 
2009; Makol et al., 2021; Sulik et al., 2017).

To validate characterizing patterns of informant dis
crepancies and informant agreement, De Los Reyes et al. 
(2009) administered an independent, cross-contextual 
behavioral task, the Disruptive Behavior Diagnostic 
Observation Schedule (DB-DOS; Wakschlag et al., 
2010). This task yielded indices of the degree to which 
preschool children displayed observable signs of disrup
tive behavior with parental and non-parental adult 

authority figures. The DB-DOS included a series of 
activities between the preschooler and an adult authority 
figure (i.e., parent, unfamiliar examiner), designed to 
“press” for the elicitation of disruptive behavior (e.g., 
frustration and compliance tasks). These activities were 
standardized across interaction partners. Thus, mea
sured indices of observed disruptive behavior across 
these tasks could serve as proxies for how the child 
displayed such behaviors when interacting with their 
parent and a non-parental adult. Using independent 
observers’ ratings of preschoolers’ displays of maladap
tive emotional (i.e., anger modulation) and behavioral 
(i.e., behavioral regulation) signs of disruptive behavior, 
researchers used latent class analysis to detect contextual 
variations in disruptive behavior.

De Los Reyes et al. (2009) made two crucial observa
tions relevant to leveraging CONTEXT’s features to 
facilitate characterizing youth mental health concerns. 
First, latent class analyses of DB-DOS data revealed that, 
like characterizations of the parent and teacher data, 
preschoolers varied in observed disruptive behavior. 
That is, each preschooler displayed one of four forms 
of disruptive behavior: (a) with both parental and non- 
parental adults, (b) with the parental but not non- 
parental adult; (c) with the non-parental but not paren
tal adult, and (d) with neither parental nor non-parental 
adults. Second, characterizations of informant discre
pancies and informant agreement related to these DB- 
DOS classes. Specifically, preschoolers who displayed 
observed disruptive behavior across parental and non- 
parental adults tended to have parents and teachers who 
agreed in reports of high levels of disruptive behavior. 
Conversely, preschoolers who displayed observed dis
ruptive behavior when interacting with parental but not 
non-parental adults tended to have parents who 
reported disruptive behaviors that teachers did not 

Table 6. Examples of how features of CONTEXT facilitate using informant discrepancies to optimize characterizations of youth mental 
health concerns.

Authors Informants

Domains 
Informants 
Reported

Analytic Procedure Used to 
Characterize Informant 

Discrepancies Criterion Variables

De Los 
Reyes 
et al. 
(2009)

Parent, Teacher Disruptive 
behavior

Latent class analysis Behavior rated by independent observers, based on interactions 
between the child and adult authority figures on a controlled 

laboratory task

De Los Reyes 
et al. 
(2022c)

Parent, Teacher, 
Child

Psychosocial 
impairments

Kraemer et al. (2003) Satellite 
Model

Behavior rated by independent observers, based on a combination of 
school observations and parent-child interaction tasks

Lerner et al. 
(2017)

Parent, Teacher Autism 
spectrum

Latent class analysis Trained raters’ evaluations of clinical severity, based on observations of 
client during a standardized diagnostic observation task

Makol et al. 
(2020)

Adolescent, 
Parent, Peer 
confederate

Social anxiety Kraemer et al. (2003) Satellite 
Model

Behavior rated by independent observers, based on interactions 
between the adolescent and personnel trained to simulate a same- 

age, unfamiliar peer

CONTEXT = Classifying Observations Necessitates Theory, Epistemology, and Testing. MTMM = Multi-Trait Multi-Method Matrix.
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report, and vice versa for teachers’ reports. In sum, the 
study by De Los Reyes and colleagues shows how 
researchers who align their work with CONTEXT’s fea
tures can leverage data from structurally different infor
mants’ reports to detect both context-specific (i.e., 
informant discrepancies) and cross-contextual (i.e., 
informant agreement) displays of youth mental health 
concerns.

Leveraging Multi-Informant Data to Estimate Youth 
Mental Health in a Specific Context
Prior work illustrates the ability of CONTEXT’s features 
to facilitate leveraging data from structurally different 
informants in a way that optimizes prediction of youth 
mental concerns that manifest in a specific context. This 
work may address a long-standing issue in assessment. 
Indeed, consider that researchers select informants 
based on structurally different aspects of their expertise 
in observing youth in specific contexts, signaling that 
youth may vary in where they display mental health 
concerns. However, many researchers believe that one 
“optimal” informant exists for assessing specific 
domains (e.g., teachers for ADHD and parents for anxi
ety; see, Loeber et al., 1990). These inconsistencies in 
logic trace back to the MTMM paradigm, in that its use 
has forced researchers to surmise that, if informant dis
crepancies signal measurement confounds, then that 
means that only some informants contribute valid 
reports (see also, De Los Reyes et al., 2013a). If this 
notion were true, then it would be logical, perhaps 
intuitive, to believe that a specific informant provides 
the “most valid” report about a specific youth mental 
health domain (e.g., teacher > parent and youth when 
assessing ADHD). Studies that align with CONTEXT’s 
features facilitate challenging this notion. In fact, 
CONTEXT reveals the question about who the “optimal 
informant” is for assessing domains like ADHD or anxi
ety for the “trick question” that it is. If a researcher 
strategically selects the multiple informants who will 
contribute reports to assess a domain, then there is no 
“optimal informant” to assess that domain.

Recent work leveraged procedures developed by 
Kraemer et al. (2003) that capitalize on the incremental 
value of integrating multi-informant data from structu
rally different informants, over-and-above an “optimal 
informant” for predicting domain-relevant criterion 
variables. The procedures (hereafter referred to as the 
Satellite Model) assume that an individual informant’s 
data function like the data contributed by a single satel
lite within a global positioning system. That is, each 
informant within a “satellite array” of informants pro
vides incrementally valuable data about a target youth’s 

mental health, insofar as that informant contributes data 
that cannot be obtained from the other informants in the 
array. To ensure that each informant provides incre
mentally valuable data, Kraemer and colleagues call for 
an a priori selection of domains that one predicts will 
logically produce discrepant estimates of mental health, 
in ways akin to latitude and longitude location estimates 
in a global positioning system. In such a system, one 
optimizes the accuracy of location estimates (i.e., for 
a target building or person) by strategically placing 
satellites at disparate, coordinated locations, such that 
the satellites collectively triangulate on the target’s loca
tion. Based on meta-analytic data available to them at 
the time (i.e., Achenbach et al., 1987), Kraemer and 
colleagues surmised that the metaphorical “latitudes 
and longitudes” for assessing youth mental health were 
the contexts in which informants observed youth (i.e., 
home, non-home) and the perspectives from which they 
observed youth (self, other). By strategically selecting 
informants who fell into disparate points on these con
text and perspective domains, Kraemer and colleagues 
posited that researchers could leverage factor analytic 
techniques historically focused on synthesizing variabil
ity of items on survey instruments (i.e., principal com
ponents analysis [PCA]; Dunteman, 1989; Nunnally & 
Bernstein, 1994) to instead synthesize summary score 
data from structurally different informants’ reports. In 
essence, accurately triangulating on youth mental health 
estimates should translate into a PCA solution yielding 
three components reflecting variability among infor
mants in their contexts and perspectives of observation, 
along with a trait component that reflects youth mental 
health concerns that manifest consistently across infor
mants’ contexts and perspectives. Integrated scores from 
the trait component of the Kraemer et al. (2003) Satellite 
Model should optimize the validity of scores taken from 
multi-informant assessments. This is because such an 
estimate capitalizes on the collective expertise of each of 
the informants in the “satellite array.” If so, then 
a conservative test of this notion would involve lever
aging this approach to test links between structurally 
different informants’ reports and data from a domain- 
relevant criterion variable designed to reflect behavior as 
it manifests in a specific context. That is, a context for 
which only a subset of informants could directly 
observe. Makol et al. (2020) conducted just such 
a conservative test, in a sample of 127 adolescents. 
Makol and colleagues collected social anxiety survey 
reports from adolescents and parents, as is typical in 
multi-informant assessments of social anxiety (see, 
Hunsley & Mash, 2007). Adolescents and parents pro
vided their reports within a battery of mental health 
surveys. Following completion of this survey battery, 
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adolescents participated in the Unfamiliar Peer 
Paradigm, a set of social interaction tasks designed to 
simulate how adolescents interact with same-age, unfa
miliar peers (for a review, see, Cannon et al., 2020). The 
research personnel who “stood in” as these unfamiliar 
peers (i.e., peer confederates) also served as the third 
informant who, along with parents and adolescents, 
provided survey reports on a parallel set of instruments 
(see, Deros et al., 2018). In essence, these peer confed
erates used the expertise they developed from interact
ing with adolescents within the Unfamiliar Peer 
Paradigm to complete parallel versions of the social 
anxiety surveys completed by parents and adolescents. 
To construct the criterion variable (i.e., anxiety dis
played within the Unfamiliar Peer Paradigm), trained 
independent observers made ratings of adolescent social 
anxiety based on archived videos of these tasks, using 
a well-established coding scheme (Glenn et al., 2019). 
Importantly, whereas independent observers received 
extensive training to make their behavioral ratings, 
peer confederates received no training and as such, 
made their reports using the same instructions parents 
and adolescents received when completing their own 
reports on the parallel survey instruments.

An additional element of the study design in Makol 
et al. (2020) further enhances the interpretability of their 
tests. Specifically, the three informants each completed 
two separate sets of social anxiety survey instruments. 
This element of the study design allowed the authors to 
use one set of informants’ reports to integrate data using 
the Satellite Model approach, and the other set for use as 
control variables for their tests. That is, Makol and 
colleagues could use this second set of reports in tests 
of the integrated trait score based on the Satellite Model, 
relative to the individual informant’s reports. 
This second set of reports could also be used for tests 
of this integrated trait score, relative to an integrated 
score where the user assumes that informant discrepan
cies reflect measurement confounds (e.g., composite 
scoring). Thus, the implication of the null hypothesis 
(i.e., informant discrepancies reflect measurement con
founds) is that strategically selecting structurally differ
ent informants’ reports results in no improvements to 
prediction. Concretely, data consistent with the null 
hypothesis would involve the trait score and composite 
score yielding similar findings (i.e., no incremental value 
of the trait score).

Makol et al. (2020) observed three components con
sistent with the Satellite Model. Specifically, analyses 
revealed that the trait component accounted for most 
of the variance (58.5%), followed by context (24.1%), and 
perspective (17.4%). Makol and colleagues tested the 
incremental value of the trait score in predicting 

independent observers’ ratings of adolescent social anxi
ety relative to (a) individual informant’s reports and (b) 
a composite score of these reports. The trait score 
demonstrated incremental value, relative to both of 
these approaches. In this respect, we highlight three 
aspects of their findings, in light of their relevance to 
CONTEXT. First, the trait score incrementally predicted 
independent observers’ ratings of adolescent social anxi
ety, over-and-above the variance accounted for by the 
individual parent, adolescent, and peer confederate 
reports, with ßs for the trait score ranging from .47- 
.67. This is an important finding, in light of prior work 
in this same sample indicating that among the three 
informants, peer confederates’ reports best predicted 
observed anxiety (Cannon et al., 2020; Glenn et al., 
2019). If peer confederates truly operated as “optimal 
informants,” then integrating multiple informants’ 
reports to predict adolescent anxiety within peer inter
actions should not improve prediction. Indeed, in this 
study the informants integrated with peer confederates 
consisted of informants who, unlike peer confederates, 
did not base their reports on the Unfamiliar Peer 
Paradigm, as parents and adolescents completed their 
reports before administration of the peer interaction 
tasks. This first aspect of the findings suggests that 
integrating informants’ reports improves prediction, 
even when the criterion variable consists of context- 
specific behavior that only one informant who―at the 
time when they made their report―had the capacity to 
directly observe.

A second aspect of the findings demonstrates the 
large amount of domain-relevant unique variance pre
sent in the sample. Consistent with the Satellite Model 
variance components reported previously, cross- 
informant correlations among the adolescent, parent, 
and peer confederate reports ranged from low-to- 
moderate in magnitude (i.e., rs = .08–.49). This raises 
a question: Is there at least a portion of this unique 
variance that is domain-relevant? In fact, supplementary 
analyses reported by Makol et al. (2020) indicated that 
the context and perspective scores, at times, demon
strated incremental value in prediction, relative to the 
individual informants’ reports. This second aspect of the 
findings not only highlights the large amount of infor
mant discrepancies present in the sample, but also indi
cates that the context and perspective scores reflected, in 
part, domain-relevant unique variance.

Related to the second aspect of the findings, the third 
aspect of findings is that the trait score demonstrated 
incremental prediction of observed anxiety, relative to 
the composite score, ß = .60. In fact, when Makol et al. 
(2020) reversed the analysis to conduct tests of the 
composite score, over-and-above the variance 
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accounted for by the trait score, the composite score 
failed to demonstrate significant incremental prediction, 
ß = .01; p = .94. This last aspect of the findings―the 
differences in prediction between the trait score and 
composite score―is crucial in detecting the presence 
of domain-relevant information. That is, if the compo
nents used to arrive at the trait score (i.e., context and 
perspective) were irrelevant to understanding informant 
discrepancies (i.e., they did not reflect domain-relevant 
information), then the trait score and composite score 
would yield roughly similar findings. This is because in 
both cases, the only variance accounting for prediction 
would be common variance. However, the trait score 
outperformed the composite score in predicting 
observed anxiety, and as mentioned previously, the con
text and perspective scores also predicted observed anxi
ety. In sum, the Makol and colleagues study shows that 
both common variance and domain-relevant unique 
variance are crucial to optimizing measurement validity. 
Further, the study shows how researchers who align 
their work with CONTEXT’s features could leverage 
data from structurally different informants’ reports to 
estimate displays of youth mental health concerns, even 
for criterion variables constructed to purposefully reflect 
how youth behave within a specific context.

Predicting Youth Mental Health Outcomes

Beyond optimizing research on characterizing youth men
tal health, studies that align with CONTEXT’s features 
optimize the ability of researchers to predict outcomes in 
longitudinal studies. Indeed, CONTEXT guides researchers 
to construct multi-informant assessments such that they 
capitalize on the predictive utility of both informant dis
crepancies and informant agreement. Thus, CONTEXT’s 
features ought to translate to prediction of outcomes based 
on instances in which informants disagree in their reports 
but also instances in which they agree. By construction, if 
the nature and extent of these predictions differs between 
patterns of informant discrepancies and informant 

agreement, the implication is clear: When using multi- 
informant data to predict outcomes, optimal prediction 
comes not by examining each informant’s report in isola
tion of the other informants’ reports, but rather by inter
preting each informant’s report relative to reports 
completed by the other informant(s). In this respect, two 
recent studies highlight the value of CONTEXT for opti
mizing prediction of youth mental health outcomes.

In the first study, Becker-Haimes et al. (2018) examined 
a treatment sample of 488 youth participating in a large, 
multi-site trial of various treatments for youth anxiety dis
orders, in which youth were randomly assigned to one of 
four conditions (i.e., cognitive behavioral treatment, sertra
line, their combination, and pill placebo). The enrollment 
process for the study began with parents contacting the 
investigative team via an initial telephone screen, after 
which time the team determined eligibility for participa
tion. This process―where parents served as the key stake
holder tasked with initiating clinical services―is typical of 
both treatment outcome studies in youth mental health and 
service delivery processes generally (Hunsley & Lee, 2014). 
This recruitment process also figures prominently in inter
preting the findings of this study. Becker-Haimes et al. 
(2018) examined pre-treatment anxiety symptom data, 
derived from parent and youth reports on a parallel set of 
survey measures about youth anxiety. To characterize pat
terns of informant discrepancies and informant agreement 
observed between parent and youth reports, the authors 
constructed polynomial regression models as described 
previously. Consistent with CONTEXT’s features, the cri
terion variable within this model consisted of diagnostic 
remission ratings completed by trained independent eva
luators who were both masked to the youth’s treatment 
condition and did not serve as the youth’s treating clinician. 
Within this model, and specifically among youth assigned 
to the cognitive behavioral treatment condition, when 
youth self-reported relatively low levels of symptoms, 
higher parent-reported symptoms predicted increased like
lihood of youth not achieving diagnostic remission at post- 
treatment. This specific pattern of informant discrepancies 
is important because the study’s inclusion criteria required 

Table 7. Examples of how features of CONTEXT facilitate using informant discrepancies to optimize predictions of youth mental health 
outcomes.

Authors Informants
Domains Informants 

Reported
Analytic Procedure Used to Characterize 

Informant Discrepancies Criterion Variables

Becker-Haimes 
et al. (2018)

Parent, Child/ 
Adolescent

Anxiety Polynomial regression Diagnostic remission

Makol et al. (2019) Parent, 
Adolescent

Internalizing Latent class analysis Characteristics of care during adolescent’s 
stay on inpatient unit

CONTEXT = Classifying Observations Necessitates Theory, Epistemology, and Testing. MTMM = Multi-Trait Multi-Method Matrix.
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youth to meet diagnostic criteria for an anxiety disorder, as 
rated by an independent evaluator. Thus, for treatment 
contexts typified by the parent―but not the youth―endor
sing the need for treatment at baseline, youth experience 
relatively low treatment responses. We can speculate that 
the mechanisms underlying this effect may consist of youth 
within this treatment context experiencing disengagement 
from receipt of treatment, perhaps because youth who do 
not perceive a problem are not motivated for treatment 
designed to address the problem. If true, then this pattern of 
informant discrepancies might demonstrate utility in future 
research on implementing services for improving therapeu
tic engagement, among youth at risk for experiencing low 
treatment responses.

The second study we illustrate here supports the pre
dictive value of the specific pattern of informant discre
pancies observed by Becker-Haimes et al. (2018), but also 
highlights the predictive value of informant agreement. 
Makol et al. (2019) examined a large sample of 765 ado
lescents receiving services in an acute care and hospitali
zation unit. Similar to the study by Becker-Haimes and 
colleagues, the adolescents involved in this study needed 
to have been voluntarily admitted to the unit via guardian 
consent. Within this treatment context, the authors exam
ined internalizing symptom data collected at the intake 
admission assessment, consisting of parent and adoles
cent reports on parallel survey instruments. To character
ize patterns of informant discrepancies and informant 
agreement observed between parent and adolescent 
reports, the authors examined these reports using latent 
class analyses as described previously. Consistent with 
CONTEXT’s features, the criterion variables the authors 
examined consisted of independently assessed treatment 
characteristics, namely such indices as the number of days 
the adolescent spent in the acute care unit, as well as the 
use of intensive treatment regimens during care (e.g., use 
of standing antipsychotic medications, locked door seclu
sion). Germane to the findings described below, intake 
assessments also included diagnostic indices for condi
tions other than those on the internalizing spectrum (e.g., 
externalizing disorders). Latent class analyses character
ized four kinds of reporting patterns, including parents 
who reported greater internalizing symptoms relative to 
adolescent self-reports, and dyads for whom both parent 
and adolescent agreed on reports of high internalizing 
symptoms. Each of these reporting patterns predicted 
important treatment characteristics. Consistent with 
Becker-Haimes and colleagues, the “parent > adolescent” 
latent class predicted increased likelihood during care of 
adolescents receiving both locked door seclusion and 
standing antipsychotic medication. Importantly, the 
informant agreement latent class either did not predict 
these same outcomes or predicted them at a much lower 

magnitude than that observed for the “parent > adoles
cent” latent class. However, the informant agreement 
class had a predictive value of its own, namely as 
a marker of the number of days an adolescent would 
ultimately stay on the unit. Importantly, all of these find
ings were robust to controlling for number of externaliz
ing disorders diagnosed at intake, and neither of these 
discrepancies/agreement classes predicted administration 
of medication for aggression, indicating that the findings 
we summarize here were unique to the predictive value of 
reports about internalizing symptoms. Taken together, 
these studies illustrate how researchers who align their 
work with CONTEXT’s features could leverage data from 
structurally different informants’ reports to predict youth 
mental health outcomes, and in a way that informs future 
research on service delivery (e.g., improving therapeutic 
engagement).

Testing Theories about Links between Informant 
Discrepancies and Youth Mental Health

We previously noted how the Achenbach et al. (1987) 
notion of situational specificity represents a key founda
tion for theory underlying CONTEXT-informed 
research. What we have yet to articulate is the historical 
context in which Achenbach and colleagues developed 
this notion. Situational specificity emerged roughly 
30 years after Campbell and Fiske (1959), at a time 
when the MTMM paradigm’s core assumptions were 
already firmly rooted in common assessment practices 
and notions about informant discrepancies. Situational 
specificity represents a sound conceptual rationale for 
studying informant discrepancies. Yet, users of the 
MTMM paradigm have been conditioned to think of 
these discrepancies as measurement confounds, and 
thus they have grounded their work on theories that 
align with the view that informant discrepancies reflect 
measurement confounds (i.e., depression-distortion 
hypothesis; Table 1).

The consequence of this history of informant dis
crepancies research is that scholars in youth mental 
health have yet to subject situational specificity to 
experimentation. Importantly, the features of 
CONTEXT guide researchers seeking to conduct this 
exact kind of theory testing. In particular, CONTEXT 
calls for direct tests of theories underlying use of 
structurally different informants’ reports. If situational 
specificity holds true, then we would expect that 
experimental manipulations of informants’ access to 
observations of youth behavior―essentially, an experi
mental manipulation of the structural differences 
between informants―would cause discrepancies 
between informants’ behavioral reports. We tested 
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this expectation with a CONTEXT-informed, con
trolled experiment. In online supplementary material, 
we provide information relevant to our rationale for 
focusing this experiment on informant discrepancies 
in reports about youth social skills, as well as proce
dures for stimuli development and pre-testing.

For this experiment, we recruited an online sample of 
182 undergraduates. Broadly, the experiment involved 
randomly assigning participants to observing video
taped renditions of youth displaying behaviors indica
tive of specific social skills. Following their observations 
of these videotaped stimuli, we then prompted partici
pants to make responses on a behavioral checklist con
sisting of a mix of behaviors they observed and did not 
observe.

We recruited participants at the institution of the first 
author, which is in a different geographic region from the 
site of stimuli development (see online supplementary 
material). This element of our study design reduced the 
likelihood that study participants bore any relation to the 
youth involved in the videotaped segments. Further, all 
participants observed stimuli within the same study condi
tions, and thus we held constant both the relationship 
status of participants to the youth they observed and the 
manner in which they observed behavior. In this way, we 
preserved the integrity of our experimental manipulation 
of structural differences between informants. We recruited 
these participants through the SONA experiment manage
ment system (SONA). Within SONA, undergraduates par
ticipate in studies and receive course credit in exchange for 
doing so. Once a participant signed up for a timeslot on the 
SONA system, we directed them to an online consent form 
explaining all study procedures.

Following consent, we directed participants to an 
online platform (i.e., Qualtrics) where we executed the 
experiment. We then randomly assigned participants to 
two groups. These groups varied in their opportunities 
to observe a subset of the videotaped segments described 
previously. Thus, we created a matrix of observations 
designed to manipulate situational specificity. Cell 1 of 
this matrix consisted of videos of social skills behaviors 
observed by Group 1 and not Group 2. Cell 2 consisted 
of videos of social skills behaviors observed by Group 2 
and not Group 1. Cell 3 consisted of videos of neutral 
behaviors (e.g., sitting in chair) observed by both Groups 
1 and 2. We created an “empty” Cell 4, which included 
item descriptions that we presented to both Groups 1 
and 2 during the testing phase, but for which they had 
not observed a videotaped segment. Taken together, in 
this experiment we utilized a 2 (between-person factor: 
Group 1 vs. Group 2) X 4 (within-person factors: social 
skills behaviors observed only by Group 1, social skills 

behaviors observed only by Group 2, “neutral items” 
videos observed by both Groups 1 and 2, non-video 
items observed by neither Group 1 nor 2) mixed study 
design. This design induced measured outcomes reflect
ing situational specificity. In fact, we exposed partici
pants to assessment scenarios consistent with the 
Operations Triad Model. Specifically, we induced mea
sured outcomes reflecting Diverging Operations via the 
situational specificity effects brought about by Cells 1 
and 2. Further, using Cell 3 we expected to induce 
measured outcomes reflecting Converging Operations, 
given that participants in both groups would observe the 
same videotaped behaviors in Cell 3. Lastly, we expected 
Cell 4 to induce responses reflecting measurement error. 
That is, if a participant endorsed behaviors in the item 
descriptions in Cell 4, they would be making a “false 
positive” endorsement – i.e., an indication that they 
observed stimuli to which they were not exposed. If 
our experiment revealed informant discrepancies in 
Cell 4, then this would signal a form of discrepancies 
reflecting Compensating Operations.

Following exposure to these videos, participants 
entered the testing phase of the experiment, in which 
they completed a “behavior checklist,” consisting of 
a series of items reflecting social skills behaviors and 
neutral behaviors. We instructed participants to rate 
whether the items described behaviors on the videos 
that they just observed. Both groups were administered 
the same instrument, which included a set of 120 items, 
designed to simulate the number of items on 
a behavior checklist (e.g., Achenbach & Rescorla, 
2001). When an informant provides a report on such 
a checklist, they tend to endorse some, but not all 
items. Creating more items than an informant typically 
endorses allows a researcher to develop an instrument 
that avoids ceiling effects. By ceiling effects, we mean the 
possibility that an informant endorsed the highest pos
sible score, not because of the assessed youth’s “true 
level” on the measured domain, but because the instru
ment included an insufficiently small sampling of beha
viors that reflect that domain (see also, Nunnally & 
Bernstein, 1994). Thus, the 120 items consisted of: (a) 
social skills behaviors observed only by Group 1 
(Cell 1); (b) social skills behaviors observed only by 
Group 2 (Cell 2); (c) neutral behaviors in videos 
observed by both groups (Cell 3); and (d) behaviors 
not displayed in any videos and thus not observed by 
either group (Cell 4).

We report the findings of our experiment in Table 8. 
Means and standard deviations reported in Table 8 
reflect participants’ mean probabilities of item endorse
ment (possible range: 0–100), which we report sepa
rately for Groups 1 and 2. By item endorsement, we 
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mean probabilities reflecting endorsement by 
a participant that they observed the behavior described 
in a given item. To test group differences, we first con
structed a repeated-measures analysis of variance model. 
This model consisted of a 4-level within-person Item 
factor (i.e., social skills behaviors observed only by 
Group 1, social skills behaviors observed only by 
Group 2, “neutral items” videos observed by both 
Groups 1 and 2, non-video items observed by neither 
Groups 1 or 2), and a 2-level between-person Group 
factor (i.e., Group 1 vs. Group 2). Our experiment pro
duced variations in situational specificity. First, we 
observed significant omnibus effects (i.e., via the Roy’s 
Largest Root F test), namely a significant Item effect, F(3, 
178) = 565.57; p < .001; η2 = .90, and a significant Item 
X Group interaction effect, F(3, 178) = 196.45; p < .001; 
η2 = .77.

Second, we probed the Item X Group interaction effect. 
Group 1 was significantly more likely than Group 2 to 
positively endorse an item describing a behavior displayed 
in a video that Group 1 participants observed and Group 
2 participants did not, t(180) = 16.82, p < .001. Similarly, 
Group 2 was significantly more likely than Group 1 to 
positively endorse an item describing a behavior displayed 
in a video that Group 2 participants observed and Group 
1 participants did not, t(180) = −19.02, p < .001. 
Importantly, effect sizes denoting between-group differ
ences for these item endorsements (Table 8) were at 
magnitudes over three times higher than effect size con
ventions for “large” effects on the Cohen’s d metric (i.e., 
0.80; Cohen, 1988). Findings reported in Table 8 revealed 
that we also “removed” situational specificity effects: 
Groups 1 and 2 had nearly identical levels of positive 
item endorsement for videotaped behaviors that both 
groups observed, t(180) = −0.35, p = .73. The effect size 
for this finding was near zero and well below effect size 
conventions for “small” effects on the Cohen’s d metric 
(i.e., 0.20). Further, item endorsements for behaviors that 
neither group observed were below chance levels and 
yielded non-significant group differences as well, t 
(180) = 0.90, p = .37. Importantly, these null differences 

reflected non-zero levels of magnitude. Thus, at times, 
participants endorsed the appearance of behaviors that, 
by construction, they had not seen (i.e., “false positives”). 
Yet, the between-group effect was non-significant, indi
cating that our study produced informant discrepancies 
for which little of the variance reflected measurement 
confounds (Table 8).

In causally manipulating situational specificity, we 
produced variations in measured informant discrepan
cies. In these respects, imagine that our two experimen
tal groups represented types of structurally different 
informants (e.g., Group 1 = parent; Group 2 = teacher). 
Assume that the two “informants” provided reports 
about the same youth, and the youth displayed consid
erable variations in displays of social skills across the two 
separate observational contexts available to them (e.g., 
Group 1 = home; Group 2 = school). In an analogue 
sense, this is a valid reflection of situational specificity 
effects, not only across clinical populations, but also 
across measured domains and development (i.e., early 
childhood through adulthood; Glenn et al., 2019; Lerner 
et al., 2017; De Los Reyes et al., 2013b; Wakschlag et al., 
2010). The “informants” in our study varied in their 
opportunities to observe behaviors displayed by the 
youth, and made reports consistent with situational spe
cificity as advanced by Achenbach et al. (1987).

Two key limitations of our experiment warrant com
ment. First, our experiment confirms that situational 
specificity effects can cause informant discrepancies. 
Yet, our experiment involved recruiting undergraduate 
participants to serve as “informants” who observed 
youth behaviors and reported about these behaviors. 
These informants shared few characteristics with the 
structurally different informants used in youth mental 
health research. Second, the youth in our video stimuli 
were simulating social skills behaviors. This element of 
our experiment allowed us to manipulate a key aspect of 
youth behavior, namely that it varies considerably 
within and across contexts. However, in doing so we 
created an assessment setting that does not reflect the 
conditions that typify how researchers assess youth 

Table 8. Between-group differences in identification probabilities of videotaped social skills behavior, as a function of variations in 
situational specificity.

Behaviors Observed by Experimental Groups Group N
Mean Probabilities of 
Video Identification

Standard Deviations of 
Video Identification

Effect Sizes of Mean Differences 
Reflecting Situational Specificity

Videotaped behaviors observed by Group 1 
and not Group 2 (n = 10 items)

Group 1 N: 87 Group 1 Mean: 74.71 Group 1 SD: 20.79 Cohen’s d: +2.50
Group 2 N: 95 Group 2 Mean: 22.00 Group 2 SD: 21.42

Videotaped behaviors observed by Group 2 
and not Group 1 (n = 10 items)

Group 1 N: 87 Group 1 Mean: 29.08 Group 1 SD: 18.40 Cohen’s d: -2.82
Group 2 N: 95 Group 2 Mean: 79.16 Group 2 SD: 17.11

Videotaped behaviors observed by both 
groups (n = 15 items)

Group 1 N: 87 Group 1 Mean: 89.43 Group 1 SD: 13.08 Cohen’s d: -0.05
Group 2 N: 95 Group 2 Mean: 90.11 Group 2 SD: 13.11

Behaviors observed by neither group (n = 85 
items)

Group 1 N: 87 Group 1 Mean: 20.07 Group 1 SD: 12.85 Cohen’s d: +0.13
Group 2 N: 95 Group 2 Mean: 18.25 Group 2 SD: 14.24
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mental health. Thus, our controlled experiment should 
be considered an analogue to how youth mental health 
assessments occur in research settings. In this respect, 
our experiment informs additional theory tests of situa
tional specificity, preferably experiments conducted 
with the structurally different informants and clinical 
populations that typify assessments conducted in youth 
mental health research.

Summary Comments on the Need for a Paradigm 
Shift in Validation

We described CONTEXT, its distinct set of features 
relative to the MTMM paradigm, how each of these 
paradigms inform fundamentally distinct research prac
tices, and how CONTEXT-informed practices more clo
sely align with how youth mental health researchers 
leverage multi-informant approaches to assessment 
(Tables 1–5). We also illustrated CONTEXT “in action” 
with a set of studies that demonstrate how the para
digm’s features translate to optimizing the ability of 
multi-informant assessments to facilitate scholarly 
inquiry across a diverse array of research topics germane 
to youth mental health (Tables 6–8). Nonetheless, we 
imagine that users of the MTMM paradigm might con
tend that the issues we raise could be accomplished in 
ways that do not necessitate CONTEXT. For instance, 
users of the MTMM paradigm could reform some of the 
practices that reflect the issues we raised, such as incor
porating non-informant indices in structural models 
that typically only include informants (see also, Watts 
et al., 2022).

We contend that reforming research practices, while 
still retaining use of the MTMM paradigm, would 
merely address the “symptoms” of the issues we raised. 
The “disorder” is the paradigm that informs the prac
tices. Consider that the first observations of informant 
discrepancies in youth mental health assessments (e.g., 
Lapouse & Monk, 1958) predate the MTMM paradigm 
itself (Campbell & Fiske, 1959). Additionally, consider 
that the theoretical rationale for addressing the issues 
raised in this paper (e.g., situational specificity) has been 
around for nearly 40 years (Achenbach et al., 1987). 
Users of the MTMM paradigm have had decades’ 
worth of both rationales and time to address the issues 
raised in this paper.

Scholars in youth mental health have reached an 
inflection point. Should we catalyze a paradigm shift 
that empirical work already demonstrates will translate 
to both immediate and long-term improvements in 
measurement validity? Alternatively, should we give 
users of the MTMM paradigm another few decades to 

enact a “course correction” that they have yet to enact in 
six decades’ worth of work? Which of these seems like 
the more reasonable approach?

We close this summary with one more argument in 
favor of a paradigm shift. We demonstrated that when 
users of the MTMM paradigm apply it to data condi
tions that violate its core assumptions (i.e., informant 
discrepancies contain domain-relevant information), 
they engage in research practices that have the unto
ward effect of depressing measurement validity. In 
contrast, within these exact data conditions, 
CONTEXT guides users to engage in practices that 
optimize measurement validity. We have long-known 
that measurement validity has important, downstream 
effects on all aspects of scholarly inquiry and study 
design, including observed magnitudes of effect sizes 
(e.g., between predictor and outcome variables) and in 
turn, the statistical power to detect hypothesized 
effects (see, Markon et al., 2011; Nunnally & 
Bernstein, 1994). We also know that some of the 
best predictors of the replicability of study findings 
are exactly these two factors: effect size and statistical 
power (e.g., Open Science Collaboration, 2015; Tackett 
et al., 2017). To the degree that scholars in youth 
mental health seek to address “replication crises” in 
Psychology, CONTEXT is not a panacea for addres
sing these issues. That said, the guidance it provides in 
terms of research practices reflects “low-hanging fruit” 
for addressing issues surrounding the replicability of 
study findings (see also, De Los Reyes, 2021).

Research Implications of CONTEXT

Applying CONTEXT to Instrument Development and 
Evaluation

As a validation paradigm, CONTEXT carries with it 
several key research implications. One implication per
tains to instrument development and evaluation. For 
those illustrations of CONTEXT’s principles “in action” 
that involved informants completing standardized 
instruments (Tables 6–7), the instruments informants 
completed were not designed to conduct CONTEXT- 
informed research. Rather, they were optimized to con
duct MTMM-informed research. Having been devel
oped in a “Converging Operations world,” these 
instruments were largely optimized to model common 
variance, namely by including item content that func
tioned similarly across informants’ reports (see also, 
Charamut et al., 2022; De Los Reyes et al., 2019c, 
2022b). This element of the work we reviewed provides 
three further insights into the nature of CONTEXT- 
informed research. First, we demonstrated the potential 
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for work informed by CONTEXT’s principles to detect 
domain-relevant informant discrepancies. It is perhaps 
the most impressive aspect of this work that researchers 
could detect these kinds of discrepancies, using multi- 
informant instruments that were ill-equipped to do so. 
This aspect of prior work speaks to the robust nature of 
informant discrepancies observed in youth mental 
health research (see, Achenbach et al., 1987; De Los 
Reyes et al., 2015, 2019a). Equally important, the find
ings we described previously (Tables 6–7), though pro
mising, likely provide a conservative estimate of the 
clinical significance of detecting domain-relevant infor
mant discrepancies.

Second, because current instrumentation emphasizes 
common variance, the multi-informant data produced 
using these instruments are optimized for analytic proce
dures that emphasize common variance. Thus, we suspect 
it is possible to improve the sensitivity of instruments to 
detect domain-relevant informant discrepancies. 
Optimizing measurement validity in youth mental health 
research and its ability to inform clinical decisions in 
youth mental health services may require refining existing 
instruments (or developing new instruments). We pre
viously mentioned that CONTEXT guides users to lever
age analytic procedures that retain both common 
variance and domain-relevant unique variance (Table 4). 
We suspect that optimizing the utility of these analytic 
procedures may involve infusing in multi-informant 
instruments item content that reflects a mix of items 
that function invariantly across informants’ reports (i.e., 
common variance) as well as items that display distinct 
functions across informants’ reports (see also, De Los 
Reyes et al., 2019a). This idea merits further study.

Third, as we recently argued elsewhere (see, De Los 
Reyes et al., 2022b), informant discrepancies may not be 
the only forms of data conditions which have been 
treated as measurement confounds in prior work, but 
may also contain domain-relevant information. 
Consider the data conditions underlying multivariate 
estimates of longitudinal change in youth mental health 
concerns. Here too, researchers frequently leverage mea
surement invariance techniques to determine whether 
instruments function similarly across data conditions, 
only this time the techniques typically involve compar
ing data derived from the same informant’s reports 
across multiple assessment points (e.g., youth completes 
self-report at baseline, 1-year, and 2-year follow-up 
assessments; T.M. Olino et al., 2018). Granted, measure
ment invariance techniques obviously serve useful pur
poses under some of these circumstances, namely when 
the presence of measurement confounds provides 
a sound rationale for observations of time-variant 
response patterns. An example of such a circumstance 

might be longitudinal studies across developmental per
iods, wherein the developmental changes estimated are 
so prolonged that changes in instrumentation occur 
across assessment points (e.g., middle childhood 
through emerging adulthood; see, Tyrell et al., 2019). 
Yet, when efforts have been made to rule out such 
confounds (i.e., informants complete the same instru
ment across assessment periods), one has to wonder: 
Might some instances in which researchers have used 
measurement invariance techniques to detect time- 
variant response patterns also be detecting domain- 
relevant response patterns? That is, just as with domain- 
relevant informant discrepancies, might researchers also 
be depressing measurement validity when they try to 
construct instruments that only include items which 
function invariantly across time? Here too, this question 
merits further study.

Applying CONTEXT to Meta-Analytic Reviews of 
Intervention Outcome Studies

CONTEXT has important implications for interpret
ing the findings of meta-analytic reviews of interven
tion outcome studies. We have long-known that 
informant discrepancies frequently characterize inter
vention outcomes in controlled trials of youth inter
ventions, with findings ranging from small-to-large 
(e.g., Cohen’s, 1988 d ranging from 0.3 to 0.8+), 
depending on the informant completing the outcome 
measure (for a recent review, see, De Los Reyes & 
Makol, 2022). In these respects, CONTEXT can facil
itate generating hypotheses about what these meta- 
analytic findings reflect, in an effort to guide future 
research on whether discrepant intervention out
comes contain domain-relevant information.

As one example, consider the literature on psychoso
cial treatments for youth depression. Meta-analyses con
sistently reveal large informant discrepancies in 
intervention response, with effect sizes from outcomes 
based on youth self-report anywhere from three times 
higher than parent-reported outcomes (effect size: 0.72 
vs. 0.24; Weisz et al., 2006) to far larger discrepancies 
between these informants’ outcome reports (effect size: 
0.39 vs. −0.06; Eckshtain et al., 2020), and with effects 
based on teacher reports much more modest than those 
based on parent reports (effect size 0.27 vs. 0.48; Weisz 
et al., 2017). Consistent with the Converging Operations 
and MTMM paradigms, researchers’ characterizations 
of these effects have focused on estimating the average 
intervention response (i.e., common variance). This 
approach has led to characterizations of interventions 
for youth depression as weaker in their ability to bring 
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about positive treatment responses, relative to use of 
these same interventions when administered to clients 
from later developmental periods (e.g., emerging adult
hood, middle and older adulthood; Cuijpers et al., 2020). 
Further, by focusing on the consistency of effects across 
studies (and between informants), we argue that this has 
led researchers down a path of questioning whether 
existing interventions for youth clients are “capable of 
producing enduring positive outcomes” (see, Weersing 
et al., 2017, p. 38). Yet, what if the discrepancies between 
parent- and youth-reported outcomes contain domain- 
relevant information?

CONTEXT has the potential to promote an evolution 
in how researchers interpret meta-analytic outcomes, 
and it begins within instilling a balanced emphasis on 
both common variance and domain-relevant unique 
variance. Let us consider the possibility that the infor
mant discrepancies observed within intervention studies 
for at least one subgroup of youth clients, namely ado
lescents, might contain domain-relevant information. 
Consider that adolescents, relative to youth from earlier 
developmental periods, tend to spend considerably 
greater amounts of time navigating social environments 
outside of the home context (Smetana, 2008). In fact, 
among adolescents many of the stressful life circum
stances that factor into the maintenance of their inter
nalizing concerns tend to manifest outside of the home 
(e.g., interactions with peers at school and other non- 
home contexts; for a review, see Prinstein et al., 2018). In 
these respects, there exists the potential that, within 
intervention outcome studies, parents and youth sys
tematically vary in their opportunities for observing 
treatment responses in contexts where they often man
ifest. As evidence of this, consider that in recent work, 
adolescent self-reports of youth depressive symptoms 
(but not parent reports) predict adolescents’ arousal in 
reaction to laboratory tasks designed to simulate inter
actions with same-age peers (Rausch et al., 2017).

Researchers may approach interpreting the meta- 
analyses of interventions for youth depression in ways 
that are informed by CONTEXT. Granted, it will always 
be of value to characterize the average effects observed 
across intervention studies, the common variance. Yet, if 
these “main effects” are qualified by domain-relevant, 
unique effects reflected by informant discrepancies, then 
CONTEXT may inform a deeper level of interpretation 
beyond estimates of average intervention effects. In fact, 
with the wealth of information generated from examining 
multiple studies, meta-analysis might serve as a key tool 
for characterizing informant discrepancies. In this 
respect, we can reimagine meta-analytic tools to function 
as techniques for characterizing informant discrepancies, 
in ways akin to how we illustrated use of such techniques 

as polynomial regression and latent class analysis (see, 
Tables 6 and 7). As with the techniques described pre
viously, we envision applying meta-analytic tools this way 
to follow a two-step process. First, we can leverage meta- 
analytic procedures to discover patterns of informant 
discrepancies in intervention effects. Discovering patterns 
of discrepancies may facilitate generating hypotheses to 
guide future research. Consider the case of interpreting 
effects of interventions for adolescent depression. We 
previously mentioned that these meta-analyses revealed 
far larger effects for youth report relative to parent report. 
These findings might reflect domain-relevant informa
tion. Perhaps the interventions may be yielding potent 
effects, and in specific contexts which youth have consid
erable expertise to observe, such as within peer interac
tions outside of the home (see also, Talbott et al., 2021).

The second step of this process involves direct tests of 
the hypotheses generated from interpreting patterns of 
informant discrepancies discovered via meta-analyses. 
In this step, we envision CONTEXT informing the 
design of future studies specifically devoted to testing 
hypotheses surrounding informant discrepancies in 
intervention outcomes. In the case of interventions for 
adolescent depression, such a study might bear simila
rities to the Makol et al. (2020) study we described 
previously. Based on the meta-analytic findings, 
researchers might design an intervention study that 
includes pre- and post-treatment administration of 
a battery of adolescent and parent survey measures of 
depressive symptoms, as well as an independent criter
ion measure designed to index adolescents’ internalizing 
concerns when interacting within contexts that typically 
occur outside of the home (e.g., reports of youth depres
sion by peers, trained observers’ ratings of youth within 
peer interactions; see, Cannon et al., 2020). Using this 
battery of outcome measures, researchers could test 
whether estimates of treatment responses observed in 
adolescent-reported outcomes “match” the treatment 
response patterns observed on the independent criterion 
measure, to a greater degree than the parent-reported 
outcomes. Studies of this kind directly test an interpre
tation of the meta-analytic outcomes described pre
viously: Discrepancies in the outcomes of youth and 
parent reports may reflect, in part, domain-relevant 
information.

Taken together, meta-analyses may become potent 
tools for characterizing informant discrepancies in 
intervention outcomes, and CONTEXT can inform the 
design of follow-up studies dedicated to testing hypoth
eses generated from this reimagined approach to meta- 
analyses. In fact, our call for revising research practices 
germane to meta-analysis also illustrates the practical 
implications of using CONTEXT. Indeed, we clearly 
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centered the traditional controlled trials approach used 
in studies included in meta-analyses, namely trials 
within which the only outcome data consist of multi- 
informant assessments (see, Weisz et al., 2005). These 
kinds of studies are instrumental to characterizing pat
terns of informant discrepancies in intervention out
comes. By extension, they are also crucial for guiding 
the design of the multi-modal, CONTEXT-informed 
studies needed to determine if it is valid to interpret 
the informant discrepancies observed in intervention 
outcomes as reflecting domain-relevant information. In 
this respect, we suspect that this same kind of two-step 
process would also be of value to other areas of meta- 
analytic work, including studies of the associated fea
tures of youth mental health.

Applicability of CONTEXT to Recent Innovations in 
Intervention Science

Related to our discussion of interpreting meta-analyses of 
intervention outcome studies, let us anticipate that in some 
intervention literatures, CONTEXT-informed studies will 
demonstrate that informant discrepancies on outcome 
measures reflect domain-relevant information. Within 
these literatures, recent work on methods for tailoring 
intervention sequences to individual clients might also 
benefit from CONTEXT (for a review, see, Ng & Weisz, 
2016). For instance, the Sequential Multiple Assignment 
Randomized Trial (SMART) design involves taking a data- 
driven approach to testing different intervention sequences 
(e.g., medication first vs. psychosocial intervention first or 
vice versa), and then using the resulting data to determine 
what to do next if the first step is successful, and if it is not 
(for a review, see, Lei et al., 2012). Researchers embed 
discrete decision points throughout intervention testing 
(e.g., end of a course of treatment). The data collected at 
these points can take the form of such aspects of care as 
symptom reduction, client preferences, and/or the degree 
to which the client adhered to the intervention. Researchers 
then use these data to determine whether a course of an 
intervention should continue or be modified to consider 
new intervention approaches.

Importantly, in SMART studies researchers often 
operationally define intervention non-response as dis
playing suboptimal outcomes on any of several out
comes (e.g., August et al., 2016), or on a single or 
“primary outcome” (see, Lei et al., 2012). In essence, 
these definitions of non-response do not account for 
the possibility of a client experiencing non-response in 
one social context but positive responses in another 
context. Yet, if informant discrepancies in reports of 
intervention outcomes contain domain-relevant infor
mation, then CONTEXT might help improve the 

precision of individualized intervention sequences. 
Consider a client who receives a first-line, comprehen
sive intervention designed to address their concerns 
across home and school contexts. If the client experi
ences positive responses based on parent report but non- 
response based on teacher report, this may signal a true, 
context-specific intervention response. If true, then it 
may benefit the client to continue with a version of the 
intervention tailored to the home context but adapt the 
sequencing to an alternative intervention tailored to the 
school context. Thus, future research should test 
whether applying CONTEXT to SMART studies facil
itates determining whether a client is, in fact, displaying 
a relatively low intervention response or, alternatively, 
displaying positive responses within specific contexts.

Applicability of CONTEXT to Assessing Mental 
Health across the Lifespan

We expect CONTEXT to inform multi-informant 
approaches to assessing mental health beyond those 
developed to assess youth. For instance, as with multi- 
informant assessments of youth mental health, meta- 
analytic reviews of assessments of adult mental health 
also indicate the ubiquitous presence of informant dis
crepancies (e.g., Achenbach et al., 2005). In fact, the 
presence of these discrepancies not only replicates across 
studies, but also within longitudinal studies over the 
course of adult development (e.g., van der Ende et al., 
2012). That is, if you collect multi-informant data to 
assess adults, then you will likely encounter informant 
discrepancies, regardless of the developmental period of 
the adults undergoing evaluation.

The presence of informant discrepancies when asses
sing adults begs the question: Do discrepancies observed 
in these assessments contain domain-relevant informa
tion? CONTEXT may provide researchers with guidance 
on addressing this question when assessing adults. Yet, 
key characteristics of research on multi-informant 
assessments of adult mental health may pose barriers 
to addressing this question. As mentioned previously, 
multi-informant approaches to assessing youth trace 
back to the 1950s (e.g., Lapouse & Monk, 1958). In 
contrast, use of this approach to assess adults is 
a relatively new phenomenon (Achenbach, 2020). In 
fact, in the first meta-analysis of cross-informant corre
spondence of adult mental health, Achenbach et al. 
(2005) identified 108 articles from which to estimate 
correspondence, but this number represented just 0.2% 
of all of the articles that came up in their literature 
searches (i.e., 51,000). By comparison, the first meta- 
analysis of cross-informant correspondence of youth 
mental health identified relatively more articles (i.e., 
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119; Achenbach et al., 1987), and did so nearly 20 years 
before the adult-focused meta-analysis. Thus, one bar
rier to applying CONTEXT to multi-informant assess
ments of adults is that scholars in adult mental health 
have decades less worth of data on this phenomenon 
than scholars in youth mental health.

In light of the relatively nascent literature regarding 
cross-informant correspondence when assessing adults, 
it should not come as a surprise that use of non- 
informant methods (e.g., observed behavior, perfor
mance-based tasks) is also relatively rare (see, De Los 
Reyes & Makol, in press). Applying CONTEXT to multi- 
informant assessments of adult mental health will prove 
challenging if studies on these issues encounter difficulty 
with avoiding criterion contamination. Yet, perhaps the 
most challenging barrier to overcome involves common 
research practices regarding use of structurally different 
informants when assessing adults.

The modal informant discrepancies study in adult 
mental health seeks to characterize discrepancies 
between adult self-reports and observer or collateral 
informants. In these studies, collateral informants have 
taken on a variety of forms, including spouses, cow
orkers, close friends, caregivers in the case of elderly 
adults, and parents in the case of emerging adults. 
This was true for the studies meta-analyzed by 
Achenbach et al. (2005), as well as for more recent 
work (e.g., Horwitz et al., 2016; L.A. Rescorla et al., 
2016; L. A. Rescorla et al., 2022; van der Ende et al., 
2012). Now, the diversity of collateral informants is, 
on the surface, not an issue. In fact, the option for 
researchers to leverage many different kinds of collat
eral informants, coupled with the ability of these 
informants to provide psychometrically sound data, 
speaks to the feasibility of the approach (see also, 
Vazire, 2006). That said, one problem lies in the fact 
that, although there are exceptions (see, Liu et al., 
2021; Nelson & Lovett, 2019; Szkody et al., 2022), 
studies tend to “bundle” these collateral informants 
together. That is, researchers often compare self- 
reports to a single group of collateral informants that 
includes a “mix” of all kinds of informants (e.g., self 
vs. parent but also self vs. spouse and self vs. cow
orker). If one treats these comparisons as a study of 
“structurally different informants” in an omnibus 
sense―i.e., comparing self versus many other kinds 
of collateral informants, and with no distinction as to 
the characteristics of the collaterals―then doing so 
carries with it the assumption that all of the collateral 
informants share the same kinds of structural charac
teristics. For instance, is it safe to assume that the 
structural environment of spouses is similar enough 
to that of coworkers, such that a researcher can both 

aggregate spouses and coworkers into a single group 
of collateral informants, and meaningfully compare 
this aggregated group to the self-reports of adult 
clients?

Needless to say, often these decisions are made out of 
convenience. Researchers often have no choice but to 
examine collateral informants as one big group, because 
in their samples, no one specific pair of informants (e.g., 
self and coworker) exists in a large enough supply to 
estimate informant discrepancies with much precision 
(for an exception, see van der Ende et al., 2012). That 
said, these considerations often pose few issues for youth 
mental health researchers. Researchers who assess youth 
routinely implement inclusion criteria, such that they 
require youth participants to live in a stable household 
and attend school. These criteria result in recruiting the 
same structurally different informants for the whole 
sample (i.e., parents, teachers, and youth). This is 
a privilege of conducting research on informant discre
pancies in youth mental health. In any one sample of 
youth, the “inner workings” of the structural differences 
among informants might vary from youth-to-youth, but 
the same overall structures are apparent for all youth in 
the sample (home, school). Conversely, in samples of 
adults for whom collateral informants display wide var
iations in structural characteristics (e.g., parents/spouses 
at home, coworkers in employment settings, caregivers 
in hospital settings, friends in neighborhood settings), 
might researchers nonetheless be able to detect domain- 
relevant information, particularly in reference to validity 
criteria as illustrated previously (Tables 6 and 7)? These 
issues merit further study.

Concluding Comments

A decade ago, we observed a profound disconnect 
between the rationale researchers used to collect data 
from structurally different informants, and how they 
treated the informant discrepancies that invariably 
arise from taking this approach to multi-informant 
assessment (De Los Reyes et al., 2013a). Back then, we 
termed this disconnect The Grand Discrepancy, and we 
developed the Operations Triad Model to resolve this 
disconnect. Ten years later, and in the process of writing 
this paper, we made a discovery: The Operations Triad 
Model represented a paradigm shift in how we concep
tualize informant discrepancies, but our work was 
incomplete. Fully resolving The Grand Discrepancy 
that we designed the Operations Triad Model to address 
requires a paradigm shift in how we approach measure
ment validation when leveraging data from structurally 
different informants. In line with The Grand 
Discrepancy, in this paper we revealed a disconnect 
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between the conceptual models that most closely align 
with use of structurally different informants, and the 
validation paradigm that has governed researchers’ 
practices regarding use, interpretation, and examination 
of multi-informant data (i.e., the MTMM). To address 
this disconnect, we advanced a validation paradigm that 
instantiates the Operations Triad Model’s principles in 
measurement (CONTEXT).

In this paper, we described how the features of 
CONTEXT provide users with explicit guidance on the
ory, epistemological principles, and research practices 
germane to multi-informant assessments (e.g., selecting 
informants, analytic procedures, study design, interpre
tation of findings). We drew distinctions between 
CONTEXT and the MTMM paradigm, and cited evi
dence to demonstrate how these two paradigms inform 
fundamentally distinct practices regarding use and 
interpretation of data from structurally different infor
mants. In focusing on common variance and assuming 
that the unique variance typified by informant discre
pancies reflects measurement confounds, we highlighted 
how the MTMM paradigm guides users down a path of 
research practices that risks depressing measurement 
validity, namely when informant discrepancies, in fact, 
reflect domain-relevant information. In contrast, we 
described how CONTEXT guides users down a very 
different path; a path of research practices that, by 
attending to both common variance and domain- 
relevant unique variance, facilitates optimizing measure
ment validity. To demonstrate these distinctions in con
crete terms, we cited MTMM-informed studies and the 
fundamental limitations inherent in the informants that 
researchers selected, the analytic procedures they imple
mented, and key features of the designs of their studies. 
We also illustrated CONTEXT’s features with 
a combination of published and new evidence, and in 
doing so highlighted how CONTEXT-informed 
research addresses the limitations of the MTMM- 
informed research cited throughout the paper. Lastly, 
we highlighted directions for future research. In parti
cular, we expect CONTEXT to (a) facilitate innovations 
in measurement development and evaluation, (b) 
improve the interpretability of the findings of meta- 
analytic reviews, (c) optimize the accuracy of treatment 
response estimates, and (d) inform our understanding of 
multi-informant approaches to assessing mental health 
across the lifespan.
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